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Abstract: This study aimed to confirm the hierarchical factor structure and the criterion validity of the Brief Mental
Flexibility Questionnaire (BMFQ) in the South African context. Three hundred and eighty-five employees from a public
institution in South Africa participated in the study. Confirmatory factor analysis affirmed the structural validity of the
measure, comprising a general factor of mental flexibility and six distinct processes consistent with acceptance and
commitment therapy (ACT): cognitive, affective, perceptual, attentional, motivational, and behavioral flexibility. Multiple
regression analysis revealed differential predictive weights of these dimensions for general mental health, with cognitive
flexibility as the primary predictor. Motivational flexibility emerged as the strongest predictor of adaptive performance.
The BMFQ offers practitioners the ability to measure an individual’s overall mental flexibility score alongside specific
flexibility dimensions, enabling targeted interventions, employee comparisons, and organisational trend analysis.

Keywords: acceptance and commitment therapy (ACT); psychological flexibility; adaptive performance; general mental
well-being; work-based counselling

Introduction
People reporting to work bring a context that shapes their
lives and spills into the workplace. Extensive research indi-
cates that improvements in employee well-being increase
productivity, profitability, and customer loyalty and reduce
staff turnover (Krekel et al., 2019). Psychological flex-
ibility can buffer the effects of stress on psychological
and physical health by promoting adaptive cognitive and
emotional processes, such as acceptance of setbacks and
valued living, thus positively impacting individuals’ well-
being and effectiveness in the workplace (Ramaci et al.,
2019; Gloster et al., 2020). To optimise performance,
organisations must prioritise understanding and support-
ing workforce mental well-being by employing measures
that provide valid and reliable insights for this purpose.
Concise, reliable, and valid measures of mental flexibility
suitable for emerging country contexts, such as South
Africa, have been lacking.

Psychological flexibility in the workplace
Psychological flexibility, the objective of acceptance and
commitment therapy (ACT), offers a way to respond to
distress associated with disruptive work-related situations,
such as changes in how work is performed (Bond & Bunce,
2003; Bond & Flaxman, 2006; Bond et al., 2008; Hayes
et al., 2006). In the ACT framework, the emphasis is not
on eradicating the symptoms associated with distress, but
rather on finding alternatives to current rigid responses
while pursuing valued actions (Hayes et al., 2012). Psycho-
logical flexibility is comprised of six therapeutic processes
with the following descriptions (Hayes et al., 2012):

• Defusion: Creating distance from thoughts and per-
ceptions, viewing them as separate from oneself, and
reducing their impact on behaviour.

• Acceptance: Embracing thoughts and feelings without
trying to change them, allowing oneself to experience
emotions fully without resistance.

• Self as context: Understanding that one’s identity is
more than just thoughts and feelings, recognising the
self as a stable perspective from which experiences
are viewed.

• Attention to the present moment: Maintaining a mind-
ful awareness of the current moment, focusing on the
here and now rather than being preoccupied with past
or future events.

• Values: Clarifying what is truly important and mean-
ingful, and using these values as a guide for decisions.

• Committed action: Taking concrete steps toward goals
that align with one’s values, even in the face of
obstacles or discomfort.

Monnapula-Mazabane and Petersen (2023) elucidate
the detrimental influence of widespread stigmas surround-
ing psychological health in South Africa, resulting in
individuals and families addressing such issues in secrecy
or not at all. Referring to ‘psychological flexibility’ may
thus evoke scepticism and defensiveness in the South
African workplace, which is why we use the term ‘mental
flexibility’ for our instrument. Instead of employing the
traditional six processes of ACT, the terms cognitive (defu-
sion), affective (acceptance), perceptual (self as context),
attentional (attention to the present moment), motivational
(values), and behavioural flexibility (committed action)
were adapted from Hayes et al.’s (2020) conceptualisation.

Existing measures of psychological flexibility
Several measures exist for evaluating psychological
flexibility, with the revised Acceptance and Action Ques-
tionnaire (AAQ-II) and its original version being the
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most widely used in studies assessing the effectiveness
of ACT interventions (Rogge et al., 2019). However, the
AAQ and AAQ-II have faced criticism for low discrim-
inative validity, as psychological flexibility demonstrates
a high correlation with psychological distress, suggest-
ing the scale may primarily measure broader functional
impairment (Tyndall et al., 2019). Consequently, a one-
dimensional representation of the construct may fail to
capture the complexity of psychological flexibility.

Multi-dimensional measures may provide a more com-
prehensive understanding of psychological flexibility. The
Comprehensive Assessment of Acceptance and Commit-
ment Therapy Processes (CompACT) (Francis et al., 2016)
enhances nuance by clustering the six ACT processes
into three overarching dimensions: openness to experience,
behavioural awareness, and valued action. However, some
items in the CompACT require reverse scoring, which
can undermine the methodological rigour of the measure
by introducing unintended loadings on unrelated factors,
thereby increasing measurement error (Dalal & Carter,
2015). A psychometric comparison by Ong et al. (2020)
indicated that the CompACT displayed poor structural
validity. Furthermore, measurement precision at the lower
level of the construct is lost by clustering the dimensions
into three rather than six processes (Rogge et al., 2019).

Rogge et al. (2019) argue that multidimensional
measures of psychological flexibility offer a more dis-
criminative assessment and greater predictive utility, as
exemplified by their Multidimensional Psychological Flex-
ibility Inventory (MPFI). Rolffs et al. (2018) conducted an
in-depth review of existing measures to develop the MPFI,
which evaluates the six ACT processes alongside their
opposites to assess psychological inflexibility, resulting
in 12 distinct scales. However, the MPFI’s reliance on
double-barrelled questions and metaphorical or abstract
wording may pose interpretive challenges for non-native
English speakers, particularly in South Africa. Addition-
ally, a study by Thomas et al. (2021) found that the
six ACT processes account for limited variance in the
MPFI items and offer minimal predictive utility beyond
the general factor of psychological flexibility in relation to
health anxiety and depression. Consequently, Thomas et al.
(2021) recommended either shortening the measure to
focus solely on the general psychological flexibility factor
or refining its subscales to enhance incremental validity.

Hayes et al. (2020) underscore the necessity of advanc-
ing research in psychological flexibility by enhancing
existing measures rather than relying exclusively on a
limited set of tools. In line with this, the BMFQ was
developed for the South African context to provide
a concise, efficient, and psychometrically robust mea-
sure of psychological flexibility, supporting the use and
applicability of such measures in the region (see Van
Lill & Van Lill, 2020). The BMFQ measures both a
general dimension of mental flexibility and six dis-
tinct flexibility processes, namely cognitive, affective,
perceptual, attentional, motivational, and behavioural
flexibility.

General mental health as an outcome of psychological
flexibility
While psychological flexibility has been linked to various
psychological constructs, further investigation is required
to understand the specific mechanisms driving these asso-
ciations (Hochard et al., 2021). For instance, Villatte
et al. (2016) demonstrated in an experimental study
that interventions targeting acceptance and defusion pro-
cesses effectively reduced symptom severity, whereas
those focused on values-based activation and behavioural
commitment significantly enhanced quality of life. These
findings highlight the need for measures that can capture
the nuance of each ACT process underlying psychologi-
cal flexibility to better inform interventions. Building on
this, the investigation focuses on how different flexibility
processes impact general mental health (symptoms related
to depression, anxiety, social dysfunction, and loss of
confidence), aiming to clarify their distinct contributions
to overall well-being.

Adaptive performance as an outcome of psychological
flexibility
Adaptive performance involves employees demonstrat-
ing the capability to cope with and respond effectively
to crises or uncertainty (Carpini et al., 2017; Pulakos
et al., 2000). It also encompasses employees’ flexibility in
handling novelty and collaborating with colleagues who
hold diverse viewpoints (Pulakos et al., 2000). Adaptive
performance reflects behaviours associated with effec-
tively adjusting to changing work circumstances and is
an opportune terrain for investigating the impact of six
ACT processes. However, existing literature concerning
the link between psychological flexibility and adaptive
performance is sparse. Therefore, there is merit in investi-
gating the individual impact of each distinct ACT process
on work-related outcomes, such as adaptive performance.

Objective of the study
The current study aimed to develop a concise, efficient,
and psychometrically robust measure of psychological
flexibility for the South African context and determine
its relation to well-being and adaptive performance. To
achieve this, we formulated the following hypotheses to
examine the BMFQ’s factor structure and predictive utility.

Hypothesis 1: A general factor of mental flexibility
can be extracted from the BMFQ items, independent of the
covariance that the six processes explain in the same items.

Hypothesis 2: The six mental flexibility domains pos-
itively affect general mental health but differ in relative
predictive weights for general mental health.

Hypothesis 3: The six psychological flexibility pro-
cesses positively affect adaptive performance but differ in
relative predictive weights for adaptive performance.

Method

Participants and setting
A census sampling strategy was used to obtain 385
employees from a South African public service institution.
The average age of employees was 43.95 years, with a
standard deviation (SD) of 9.31 years. The participants
self-identified their race as follows: 51% black African (n
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= 198), 32% white (n = 122), 11% coloured (individuals
of mixed ancestry; n = 41), and 6% Indian/Asian (n =
24). The sample consisted of more participants who self-
identified as women (n = 284; 71%), with 114 (29%)
self-identifying as men. In terms of job roles, most of
the sample comprised team members (n = 218; 56%),
followed by managers (n = 93; 24%), specialists (n = 66;
17%), and executives (n = 9; 2%)

Research design and item development of BMFQ
A cross-sectional survey design facilitated the develop-
ment and validation of the newly created BMFQ. This
quantitative study made use of three instruments, the
BMFQ, the General Health Questionnaire, and the Individ-
ual Work Performance Review, which are detailed below.

Item development
The items for the BMFQ were developed through a
collaborative process involving four senior researchers,
who worked together to ensure clarity and precision in
item formulation. Eight registered psychologists special-
ising in psychometrics in the South African work context
performed an item-sort exercise to evaluate the items,
and the outcomes were employed to calculate substantive
validity coefficients. The item-sort exercises adhered to the
guidelines of Anderson and Gerbing (1991). Following the
recommendations of Howard and Melloy (2016), thresh-
olds were applied to modify or, in severe cases, eliminate
items displaying low substantive validity. The final itera-
tion of the BMFQ comprised 43 items distributed across
six subscales (see Appendix A for items): Emotional
Flexibility (7 items), Attentional Flexibility (7 items),
Perceptual Flexibility (8 items), Cognitive Flexibility (7
items), Motivational Flexibility (7 items), and Behavioural
Flexibility (7 items). Items in the BMFQ are freely avail-
able if scientists and/or practitioners share the anonymous
data they gather with the instrument’s developers.

The BMFQ directs participants to indicate their level
of agreement or disagreement with each item as it relates
to the past four weeks, presented as statements, utilising
a five-point Likert-type scale spanning “Disagree” (1) to
“Very much agree” (5). To facilitate a nuanced interpre-
tation of numeric values between the extreme points, the
approach proposed by Casper et al. (2020) was employed,
with the ratings being “Somewhat disagree” (2), “Neither
agree nor disagree” (3), and “Moderately agree” (4). The
internal consistency reliability of all dimensions within the
BMFQ was satisfactory (α and ω ≥ 0.87).

Concurrent validity measures
The 12-item General Health Questionnaire (GHQ-12)
(Goldberg, 1978) is commonly employed in occupational
health research to assess general mental well-being (Hardy
et al., 2003). Ratings are on a five-point scale ranging from
“Never” to “Always”. Elevated scores on the GHQ indicate
heightened levels of psychological distress.

The Adaptive Performance Scale of the Individual
Work Performance Review (IWPR) (Van Lill & Taylor,
2022) was utilised to determine employees’ self-perceived
behaviour in coping with workplace stressors. Its five-point

behaviour frequency scale ranges from “Never demon-
strated” to “Always demonstrated”.

Procedure
The Department of Industrial Psychology and People
Management’s Research Ethics Committee members at
the University of Johannesburg (reference number: IPPM-
2022-608) approved the study, and consent was obtained
from the participating employer organisations. Individual
participants also provided informed consent after being
briefed on the nature of the research, its voluntary nature,
and the exclusive use of their data for research purposes.
Data collection was conducted via Qualtrics, a licensed
online survey platform, enabling participants to complete
the questionnaires securely.

Statistical analysis
The study’s first objective was to inspect the hierarchi-
cal structure of the constructs measured by each BMFQ
subscale and the presence of a general Mental flexibility
factor. The data analysis employed Confirmatory factor
analysis (CFA) using Version 0.6–8 of the lavaan package
(Rosseel, 2012; Rosseel & Jorgensen, 2021) in R (R Core
Team, 2016). First, the inter-factor correlations among the
six subscales were examined, followed by the hierarchical
factor structure of the overall Mental flexibility factor.
Adhering to the guidelines proposed by Credé and Harms
(2015), the plausibility of alternative models, including
hierarchical factor models, was explored. The bifactor
model underwent analysis of bifactor statistical indices
to assess whether unidimensional models more accurately
represented the structure of the six factors (Reise et al.,
2013; Rodriguez et al., 2016), namely cognitive, affec-
tive, perceptual, attentional, motivational, and behavioural
flexibility.

Mardia’s multivariate skewness and kurtosis coef-
ficients were 247,545.10 (p < 0.001) and 101.60
(p < 0.001), signalling a non-normal multivariate dis-
tribution of the data. CFA employing robust maximum
likelihood (MLM) estimation was used due to the moder-
ate sample size (n = 398), the utilisation of rating scales
with five numerical categories (see Rhemtulla et al., 2012),
and the breach of multivariate normality assumptions
(see Bandalos, 2014; Satorra & Bentler, 1994; Yuan &
Bentler, 1998). Model–data fit of the CFA models under-
went evaluation using the comparative fit index (CFI),
the Tucker–Lewis Index (TLI), standardised root mean
square residual (SRMR), and root mean square error of
approximation (RMSEA) (Brown, 2015; Hu & Bentler,
1999). Adequate fit was defined by RMSEA and SRMR
values ≤ 0.08 (see Brown, 2015; Browne & Cudeck, 1992)
and CFI and TLI values ≥ 0.90 (see Brown, 2015; Hu
& Bentler, 1999). Notably, even when CFIs indicate a
marginally good fit (CFI and TLI in the range of 0.90 to
0.95), models could be considered to have an acceptable fit
if other indices (SRMR and RMSEA) also fall within the
acceptable range (Brown, 2015).

The second objective of this study was to assess the
relative predictive weight of each of the six flexibility
factors on both General mental health and Adaptive per-
formance. The interpretation of the relative weight of
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Table 1. Descriptive statistics

Dimension or coefficient EMO COG ATT PER MOT BEH GMH ADP

Emotional flexibility (EMO) – 0.77 0.86 0.83 0.65 0.61 0.72 0.55
Cognitive flexibility (COG) 0.70* – 0.79 0.89 0.67 0.70 0.79 0.65
Attentional flexibility (ATT) 0.81* 0.73* – 0.82 0.68 0.68 0.72 0.64
Perceptual flexibility (PER) 0.74* 0.84* 0.75* – 0.68 0.74 0.76 0.65
Motivational flexibility (MOT) 0.56* 0.59* 0.59* 0.61* – 0.87 0.59 0.65
Behavioural flexibility (BEH) 0.52* 0.63* 0.59* 0.67* 0.79* – 0.68 0.66
General mental health (GMH) 0.63* 0.72* 0.63* 0.68* 0.49* 0.60* – 0.68
Adaptive performance (ADP) 0.43* 0.56* 0.54* 0.56* 0.56* 0.57* 0.60* –
Mean 3.86 3.56 4.03 3.69 4.27 4.15 3.43 3.97
Standard deviation 0.81 0.97 0.78 0.9 0.76 0.84 0.73 0.62
Cronbach’s alpha 0.87 0.92 0.91 0.92 0.92 0.95 0.88 0.94
McDonald’s omega 0.87 0.93 0.91 0.93 0.92 0.95 0.88 0.94

Note. The upper limit of standardised inter-factor correlations (the lower limit in case of negative
correlations) is reported above the diagonal. In contrast, standardised inter-factor correlations are reported
below the diagonal. *p < 0.001.

multiple regression coefficients might be incorrect when
multi-collinearity exists between the predictive variables
(Nimon & Oswald, 2013). Given that the six ACT pro-
cesses share a psychological flexibility dimension in the
MFPI (Thomas et al., 2021) and are likely to display
theoretical overlap, dominance analysis was conducted
using Version 2.0-3 of the yhat-package in R (Nimon
et al., 2021; Nimon & Oswald, 2013). Dominance analysis
(DA) is a method used to assess the relative importance
of predictors in multiple regression (Azen & Budescu,
2003). It evaluates importance iteratively by comparing
each predictor against every other predictor in the model.
A predictor is considered more important or dominant
when it consistently contributes more to the prediction of
the criterion across all possible pairwise comparisons. This
analysis provided insights into the relative weight of each
flexibility factor as a predictor of General mental health
and Adaptive performance.

Results

Descriptive and Reliability Statistics
Table 1 presents the mean item score, SD, and reliability
estimates of alpha and omega and standardised inter-factor
correlations between the latent variables. The inter-factor
correlations were derived from an oblique lower-order
confirmatory factor model. The model’s absolute and
parsimony-corrected fit statistics were deemed satisfac-
tory: χ2 [df] = 4831.84 [2317]; CFI = 0.84; TLI =
0.83; SRMR = 0.07; and RMSEA = 0.06 [0.06; 0.06]
(see Brown, 2015; Hu & Bentler, 1999). However, the
comparative fit appeared less desirable, which could be
attributable to model complexity stemming from the spec-
ified number of parameters. Interpreting the inter-factor
correlations, shown in Table 1, was deemed appropriate.

The lower-diagonal inter-factor correlations revealed
the anticipated correlations among the six Mental flex-
ibility factors. Additionally, the factors exhibited the
expected positive correlations with General mental health
and Adaptive performance. The magnitude of the inter-
factor correlations between the Mental flexibility factors
implied the existence of a general Mental flexibility factor.

77% of the inter-factor correlations among the six
Mental flexibility factors had an upper limit below the
0.80 cut-off value, as recommended by Rönkkö and Cho
(2022), indicating that the majority demonstrated adequate
discriminant validity (refer to Table 1). Rönkkö and Cho
(2022) categorise inter-factor correlations of 0.80 ≤ UL
< 0.90 as marginally problematic. According to this cri-
terion, 33% of the upper limit correlations of the Mental
flexibility factors were marginally problematic regarding
discriminant validity, but did not present a grave concern.

The inter-factor correlations between the six factors
suggested the presence of a general factor and, conse-
quently, a hierarchical structure in the data. Therefore, we
examined different models to confirm a bi-factor model of
mental flexibility. The model–data fit of the various factor
models specified is outlined in Table 2.

Structural validity of the BMFQ
The CFI, TLI, SRMR, and RMSEA values indicated poor
model–data fit for the first-order and single-factor models.
However, an acceptable model-data fit was obtained for
an oblique lower-order factor, higher-order factor, and
bifactor model, implying the existence of a hierarchical
structure in the data. The bifactor models seemed to best fit
the data, thereby providing initial support for Hypothesis 1.

Bonifay et al. (2017) note that the higher fit indices
of bifactor models compared to other confirmatory factor
models could result from overfitting. Rodriguez et al.
(2016) recommend assessing practical meaningfulness
through bifactor statistical indices, including explained
common variance (ECV), coefficient omega-hierarchical
(ωh), construct replicability (H), factor determinacy (FD),
percentage of uncontaminated correlations (PUC), and
relative percentage bias (ARPB), to assess practical mean-
ingfulness of group factors. Group factors were considered
plausible when ωh, H, and FD2 exceeded 0.50, 0.70, and
0.70, respectively (see Dueber, 2017; Reise et al., 2013).
An ECV greater than 0.70 and a PUC greater than 0.80
indicated unidimensionality (see Reise et al., 2013). An
ARPB between 10% and 15% suggested little difference
in factor loadings between a single-factor model and the
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Table 2. Fit statistics of different mental flexibility factor models

No. Description χ2 �χ2 df CFI TLI SRMR RMSEA

Test Bifactor model 1369.47 – 777 0.92 0.92 0.06 0.05 (0.05; 0.06)
Model 4 Oblique lower-order model 1459.62 90.15* 804 0.92 0.92 0.06 0.06 (0.06; 0.07)
Model 3 Higher-order model 1574.63 205.16* 813 0.91 0.91 0.08 0.06 (0.06; 0.07)
Model 2 Single-factor model 2536.05 1166.58* 819 0.80 0.79 0.39 0.09 (0.09; 0.09)
Model 1 Orthogonal first-order model 3566.24 2196.77* 819 0.67 0.65 0.10 0.12 (0.11; 0.12)

Note. CFI = Comparative Fit Index; TLI = Tucker-Lewis Index; SRMR = Standardized Root Mean-Square
Residual; RMSEA = Root Mean Square Error of Approximation; 90% confidence interval of RMSEA in brackets.
*p < 0.001.

Table 3. Bifactor statistical indices for mental flexibility

Factors and facets ECV PUC OmegaH H FD

General flexibility 0.66 0.85 0.91 0.97 0.97
Emotional flexibility 0.05 0.30 0.64 0.84
Cognitive flexibility 0.04 0.21 0.57 0.84
Attentional flexibility 0.05 0.29 0.67 0.86
Perceptual flexibility 0.03 0.14 0.50 0.77
Motivational flexibility 0.08 0.42 0.79 0.92
Behavioural flexibility 0.08 0.41 0.78 0.92

Note. ECV = explained common variance; H = construct replicability; FD = factor determinacy. Relative
parameter bias (ARPB) for General flexibility = 0.05.

general factor in a bifactor model (see Rodriguez et al.,
2016). Bifactor statistical indices were calculated using
Version 0.2.0 of the Bifactor Indices Calculator package
(Dueber, 2020) in R (R Core Team, 2016). The results are
reported in Table 3.

The data supported the existence of a general factor for
Mental flexibility. The results suggested a primarily unidi-
mensional model (ARPB = 0.05; PUC = 0.85; and ECV
of g = 0.66). While the bifactor statistical indices suggest
a predominantly unidimensional model, the upper limit
of inter-factor correlations remains within a range that
supports sufficient discriminant validity. This allows for
the meaningful interpretation of dimensions independently
of the strong general factor, thereby providing additional
support for Hypothesis 1.

Criterion validity of the BMFQ
The degree of overlap among the Mental flexibility factors,
particularly considering a robust general factor, under-
scored the importance of conducting a dominance analysis
to evaluate the relative predictive weight of each of the six
factors impacting General mental health and Adaptive per-
formance. The results of the analysis are shown in Tables
4 and 5.

The results of the dominance analysis indicated that
Cognitive flexibility (r = 0.63; GenDom = 27%) was
the most important predictor of General mental health,
followed by Perceptual flexibility (r = 0.59; GenDom
= 19%), Affective flexibility (r = 0.54; GenDom =
16%), Behavioural flexibility (r = 0.53; GenDom = 16%),
Attentional flexibility (r = 0.54; GenDom = 14%), and
Motivational flexibility (r = 0.45; GenDom = 8%). In
support of Hypothesis 2, each of the six factors appeared
to be different in relation to General mental health.

According to the general dominance weights,
Behavioural flexibility (r = 0.55; GenDom = 22%)
appeared to be the most influential predictor of Adaptive
performance, followed by Motivational flexibility (r =
0.54; GenDom = 20%). Perceptual flexibility (r = 0.54;
GenDom = 17%), Attentional flexibility (r = 0.51;
GenDom = 17%), and Cognitive flexibility (r = 0.52;
GenDom = 17%) ranked third to fifth, respectively.
Affective flexibility (r = 0.41; GenDom = 8%) was the
least effective predictor. However, the range of correlations
and dominance weights for Adaptive performance are
smaller than those reported for General mental health.
Hypothesis 3 requires further scrutiny.

Discussion
The findings suggest that a general factor of mental
flexibility can be derived to indicate an overall score
on mental flexibility. In addition, each of the six flexi-
bility dimensions demonstrated discriminant validity and
meaningful associations with general mental health and
adaptive performance, underscoring the relevance of the
ACT processes for the South African context.

A general factor of mental flexibility could be extracted
from the BMFQ items, distinct from the shared variance
explained by the six individual processes. This finding
is consistent with Thomas et al.’s (2021) research on
the MPFI, with the current South African data validat-
ing the existence of a robust general factor of mental
flexibility, accounting for 66% of the variance in the
BMFQ. However, there was still sufficient discriminant
validity to demonstrate that the six processes could be
interpreted independently.

The six mental flexibility domains positively influ-
enced general mental health, with varying predictive
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Table 4. Predictor metrics for general mental health

Coef. Affect Cognition Attention Perception Motivation Behaviour

b 0.25* 0.50* 0.10 0.11 −0.17 0.37*
Beta 0.16* 0.33* 0.06 0.09 −0.10 0.25*
r 0.54* 0.63* 0.54* 0.59* 0.45* 0.53*
rs 0.79* 0.92* 0.78* 0.87* 0.65* 0.78*
rs

2 0.63 0.85 0.61 0.75 0.42 0.61
Unique 0.01 0.04 <0.01 <0.01 <0.01 0.02
Common 0.28 0.36 0.29 0.35 0.20 0.26
CD: 0 0.29 0.4 0.29 0.35 0.20 0.28
CD: 1 0.07 0.14 0.06 0.1 0.02 0.07
CD: 2 0.03 0.09 0.02 0.04 <0.01 0.04
CD: 3 0.02 0.06 0.01 0.02 <0.01 0.03
CD: 4 0.01 0.05 <0.01 0.01 <0.01 0.02
CD: 5 0.01 0.04 <0.01 <0.01 <0.01 0.02
Gendom 0.07 0.13 0.06 0.09 0.04 0.08
Rescaled 16% 27% 14% 19% 8% 16%
Position 4 1 5 2 6 3
Pratt 0.09 0.21 0.03 0.05 −0.05 0.13
RLW 0.08 0.13 0.07 0.08 0.04 0.08

Note. Unique = uniqueness coefficient; Common = r2 − uniqueness; CD = conditional
dominance weights; GenDom = general dominance weights; Pratt = Pratt measure; RLW
= relative weights. *Confidence intervals do not include zero for beta, r, rs, and rs

2.

Table 5. Predictor metrics for adaptive performance

Coef. Affect Cognition Attention Perception Motivation Behaviour

b −0.14 0.25* 0.34* 0.17 0.32 0.33
Beta −0.08 0.15* 0.19* 0.12 0.17 0.19
r 0.41* 0.52* 0.51* 0.54* 0.54* 0.55*
rs 0.65* 0.82* 0.80* 0.84* 0.85* 0.87*
rs

2 0.42 0.68 0.65 0.71 0.71 0.76
Unique <0.01 0.01 0.01 <0.01 0.01 0.01
Common 0.17 0.27 0.25 0.28 0.28 0.29
CD: 0 0.17 0.27 0.26 0.29 0.29 0.31
CD: 1 0.01 0.07 0.06 0.07 0.09 0.10
CD: 2 <0.01 0.03 0.03 0.03 0.05 0.06
CD: 3 <0.01 0.02 0.02 0.02 0.03 0.04
CD: 4 <0.01 0.01 0.02 0.01 0.02 0.02
CD: 5 <0.01 0.01 0.01 <0.01 0.01 0.01
Gendom 0.03 0.07 0.07 0.07 0.08 0.09
Rescaled 8% 17% 17% 17% 20% 22%
Position 6 5 4 3 2 1
Pratt −0.03 0.08 0.1 0.07 0.09 0.11
RLW 0.03 0.07 0.07 0.07 0.08 0.09

Note. Unique = uniqueness coefficient; Common = r2 −uniqueness; CD = conditional
dominance weights; GenDom = general dominance weights; Pratt = Pratt measure; RLW
= relative weights. *Confidence intervals do not include zero for beta, r, rs, and rs

2.

weights to some extent. When accounting for the inter-
correlations between the predictors, cognitive flexibility
emerged as the most influential predictor of general mental
health, followed by perceptual flexibility, affective flex-
ibility, attentional flexibility, and behavioural flexibility,
with motivational flexibility as the weakest predictor.
This alludes to the importance of disentangling from
uncomfortable inner experiences to improve mental well-
being. The findings align with Villatte et al. (2016), who

highlighted the central role of cognitive and affective pro-
cesses in psychological flexibility for effectively reducing
symptom severity.

The analysis further indicated that the six psycho-
logical flexibility processes positively impact adaptive
performance. The relative contributions of each pro-
cess displayed variations, with behavioural flexibility as
the most prominent predictor, followed by motivational
flexibility, perceptual flexibility, attentional flexibility,
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cognitive flexibility, and affective flexibility. While moti-
vational flexibility showed a comparatively modest impact
on general mental well-being, its relative importance
seems more pronounced in enhancing adaptive perfor-
mance. Possessing a clear sense of purpose that can guide
behaviour implementation appears beneficial for individu-
als in effectively navigating challenges while maintaining
high performance. While the range of correlations and
dominance weights for adaptive performance are lower
than that for general mental health, the arrangement of
the relative weights of the different predictors suggests
a meaningful contrast. However, further examination of
Hypothesis 3 is necessary to determine the relative impor-
tance of each mental flexibility process.

Implications for research and practice
The Brief Mental Flexibility Questionnaire (BMFQ) is
a novel measure of psychological flexibility, developed
to address workforce mental well-being and productivity
within the South African context. The BMFQ offers a
unique contribution by enabling the independent interpre-
tation of results for each flexibility subscale. The BMFQ’s
value lies in identifying an overall mental flexibility score,
offering a concise summary for simple comparison, and
differentiation scores on each flexibility dimension, allow-
ing for tailored feedback to individuals and the refinement
of developmental strategies. It is feasible to ascertain
the extent to which each of the flexibility domains con-
tributes to predicting various psychological outcomes.
This approach allows for the evaluation of how each
flexibility domain contributes to predicting psychological
outcomes, paving the way for targeted interventions that
leverage these processes to enhance employee well-being.

Most randomised control trials utilising the ACT
framework combine the six processes to create an interven-
tion. However, the BMFQ allows researchers to investigate
the impact of interventions aimed at improving the indi-
vidual processes or possible combinations thereof. Future
studies could administer the BMFQ in randomised control
trails in South Africa to determine the sensitivity of the
assessment to pick up changes in ACT processes given
targeted interventions.

Limitations and recommendations
This research was confined to a single parastatal organi-
sation in the South African public service; therefore, the
results may not be generalisable to the broader South
African population. Additional research in other organi-
sational or contextual settings is necessary to determine
whether the findings can be replicated. The present study
relied primarily on self-ratings as a single source to
explore the relationship between the variables of interest,
increasing the risk of method bias (Podsakoff et al., 2012).
Future research might benefit from employing supervisor
ratings on variables such as performance to establish a
more robust model of the criterion validity of the flexibility
processes to determine more distal outcomes (Van Lill &
Van der Merwe, 2022). Such a study might also demon-
strate greater differences in the weight that each process
contributes to adaptive performance.

Conclusion
The study’s results indicate that the BMFQ effectively
measures the overarching concept of general mental flexi-
bility and constructs derived from the six ACT processes,
namely attentional, cognitive, affective, perceptual, moti-
vational, and behavioural flexibility. Given the established
link between psychological flexibility and positive mental
health outcomes, this measure could serve as a valuable
tool for evaluating an individual’s mental flexibility level to
identify the specific flexibility domain(s) that may require
attention. Each flexibility dimension exhibited substan-
tive associations with general mental health and adaptive
performance. Motivational flexibility seems to have a
comparatively lesser impact on general mental well-being
but takes on greater significance in adaptive performance.
Conversely, cognitive flexibility emerged as an important
dimension in general mental well-being.

The findings of this study carry important workplace
implications regarding the advantages of assessing and
improving mental flexibility. The BMFQ demonstrated
efficacy in identifying and comparing specific flexibility
dimensions associated with the six ACT processes. Thus,
it is feasible to ascertain the extent to which each of
the flexibility domains contributes to predicting various
psychological outcomes. This ability to identify relevant
processes paves the way for interventions to proactively
harness these processes to improve employee well-being.
The study illustrates the importance of mental flexibility
and the distinct contributions of its various dimensions to
enhancing general mental health and adaptive performance
in workplace settings.
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Appendix A

Table A1. Brief mental flexibility questionnaire items

No. Item

Emotional Flexibility
1. I was able to face the bad things in my life.
2. I could accept that some things were out of my control.
3. I could tolerate painful emotions.
4. I was able to acknowledge (not ignore) my negative thoughts.
5. I was able to acknowledge my negative feelings.
6. I could attend to my painful memories in order to heal.
7. I could accept the things I could not change.

Attentional Flexibility
8. I could pay attention to what I experienced in the moment.
9. I was aware of how things affected my feelings.

10. I was in tune with what my body was experiencing (touch, see, smell, taste, and/or hear).
11. I was aware of thoughts crossing my mind.
12. I was able to reflect on thoughts that came up.
13. I could direct my focus to the present moment.
14. I could choose where I focus my attention.

Perceptual Flexibility
15. I have had a balanced view (strengths and weaknesses) of myself.
16. I could see myself from other people’s point of view.
17. I was able to change the way I see myself.
18. I was kind towards myself when I made mistakes.
19. I actively sought new perspectives to understand myself better.
20. My self-worth stayed intact even when people criticised me.
21. I was patient with my imperfections.
22. I was open to reviewing my self-image.

Cognitive Flexibility
23. I could think clearly when confronting difficult feelings.
24. I could let go of my worries.
25. I could detach myself from my negative thoughts.
26. I was able to evaluate my thoughts objectively.
27. I could direct my thoughts despite troubling inner experiences.
28. I was able to distance myself from my negative thoughts.
29. My actions differed from my negative inner thoughts.

Motivational Flexibility
30. My decisions were based on things that were meaningful to me.
31. I decided what my purpose in life was.
32. I acted in accordance with my values.
33. I knew what my priorities in life were.
34. My values gave direction to my life decisions.
35. I experienced a sense of purpose in life.
36. My values motivated me to take action.

Behavioural Flexibility
37. I was dedicated to making the right choices.
38. I had a plan of action for my life.
39. I was willing to put in extra effort to achieve my life goals.
40. I took daily steps to achieve my life goals.
41. I took responsibility for achieving my purpose in life.
42. I tried to take daily steps towards creating positive habits over time.
43. I showed commitment towards the achievement of my dreams.
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