Mental Health Promotion

International Journal of .
@ & Tech Science Press

http://doi.org/10.32604/ijmhp.2026.081018 )

Check for
Updates

ARTICLE

Understanding Social Media Addiction through the S-O-R Framework: The
Mediating Roles of Cognitive and Behavioral Paths

Huimin Yin! and Difan Guo®*

!School of International Journalism and Communication, Beijing Foreign Studies University, Beijing, China
School of Journalism and Communication, South China University of Technology, Guangzhou, China
*Corresponding Author: Difan Guo. Email: difan@scut.edu.cn

Received: 21 February 2026; Accepted: 21 April 2026; Published: 31 August 2026

ABSTRACT: Background: While social media enhances information accessibility and connectivity, excessive use has
prompted research into social media addiction (SMA). However, pathways linking psychological stimuli to addictive
behaviors remain unclear. This study examined how boredom proneness, social comparison, and anxiety relate to SMA
through two mechanisms: information overload and social media stalking. Within the Stimulus-Organism—-Response
(S-O-R) framework, this research explains how psychological predispositions influence SMA through cognitive
and behavioral mechanisms. Methods: A cross-sectional survey of 258 active social media participants examined
associations between psychological predispositions and SMA. Structural equation modeling (SEM) was applied to
examine the hypothesized model, with boredom proneness, social comparison orientation, and anxiety as internal
stimuli, and information overload and social media stalking as mediators. Results: Boredom proneness and social
comparison were not directly associated with SMA but showed significant indirect associations through both mediators.
Boredom proneness was linked to SMA via information overload (f = 0.319, 95% CI [0.209, 0.455]) and social media
stalking (8 = 0.027, 95% CI [0.003, 0.071]). Similarly, social comparison was related to SMA through information
overload (f = 0.091, 95% CI [0.005, 0.199]) and social media stalking (f = 0.160, 95% CI [0.071, 0.278]). In contrast,
anxiety demonstrated no significant indirect associations through either information overload (f = 0.054, 95% CI
[-0.033, 0.153]) or social media stalking (f = 0.021, 95% CI [—0.020, 0.079]). Conclusions: This study identifies two
pathways linking psychological predispositions to SMA: cognitive strain and habitual monitoring. Distinguishing these
mechanisms clarifies how addictive patterns develop and supports interventions targeting information processing
burden and habitual social media monitoring.

KEYWORDS: Social media addiction; information overload; social media stalking; boredom proneness; social
comparison

1 Introduction

As social media has expanded rapidly, growing scholarly attention has focused on the negative
consequences associated with overuse [1], known as the “dark side” of digital engagement [2]. Social media
addiction (SMA) is commonly understood as one manifestation of a broader class of technology-related
behavioral addictions, which also includes problematic internet use, smartphone addiction, and gaming
disorder. Within this broader domain, SMA is marked by difficulties in controlling use, resulting in
impairments in social, academic, and occupational functioning [3]. Beyond core symptoms such as
compulsive use and withdrawal [4], SMA is potentially linked to various adverse outcomes, including social
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media fatigue [5], declines in psychosocial well-being [6], sleep disturbances [7], and poorer academic
performance [8].

Given its growing prevalence, researchers have employed diverse theoretical perspectives to explain the
mechanisms underlying SMA [9]. These include the I-PACE (Interaction of Person-Affect-Cognition-Execution)
model for mapping the psychological stages of addiction [10], attachment theory for exploring interpersonal
dependencies [11], uses and gratifications theory for understanding motivational drivers [12]. While these
frameworks have identified various antecedents, for instance fear of missing out (FOMO) [13], dark triad
personality traits [14], perceived stress [15], and other related factors, many studies examine these predictors
in isolation. This fragmented approach often overlooks the integrated processes through which internal
traits and online cognitive-behavioral experiences jointly drive addiction. Furthermore, limited consensus
exists regarding the specific pathways that differentiate cognitive and behavioral mediating processes
within a unified framework.

Targeting this deficiency, the study uses the Stimulus—Organism—-Response (S-O-R) framework to
examine how internal predispositions are associated with SMA through distinct intermediate processes.
Specifically, boredom proneness, social comparison orientation, and anxiety are conceptualized as internal
stimuli, while the organism stage is differentiated into cognitive and behavioral components, operationalized
as information overload and social media stalking. By distinguishing between these two pathways, this
study aims to offer a more refined perspective on how habitual monitoring and cognitive strain collectively
fuel the onset of social media addiction.

2 Literature Review

2.1 The Stimulus-Organism-Response (SOR) Model

The S-O-R model, originally rooted in environmental psychology, provides a structured approach for
analyzing how external or internal cues shape human behavior. It posits that environmental inputs (S)
impact inner cognitive and psychological conditions (O), which eventually dictates the observable response
(R) [16]. Within this framework, stimuli refer to various cues or conditions that trigger individuals’ cognitive
and emotional reactions, while the organism represents internal processes operating between environmental
inputs and later actions. These processes involve cognitive appraisals and affective experiences that shape
how stimuli are interpreted. The response reflects the observable behaviors that result from these internal
processes [17].

Although the S-O-R model was initially developed to explain human responses in environmental and
consumer contexts, its utility has significantly expanded into the realms of technology use and digital
behavior [18]. Its core logic lies in linking stimuli to behavioral responses through mediating organismic
states, thereby establishing an integrative analytical framework. While the S-O-R framework traditionally
focuses on environmental stimuli, recent research has extended it to incorporate individual psychological
and dispositional characteristics [19]. Owing to its theoretical flexibility, the S-O-R framework has been
widely employed to investigate various addictive behaviors, including live-streaming addiction [20], artificial
intelligence addiction [21], gaming disorder [22], and alcohol and other drug addiction [23]. However,
many existing studies treat the organism component as a unified internal state, with limited attention to
the differentiation of underlying psychological processes. As a result, the specific mechanisms through
which addictive behaviors develop remain insufficiently specified. Distinguishing between these processes
is crucial for formulating more precise and effective response strategies.

In response to this deficiency, the research broadens the S-O-R framework by differentiating between
two types of organismic processes: cognitive strain and habitual behavior. Specifically, information overload
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is conceptualized as a form of cognitive strain, whereas social media stalking reflects a pattern of habitual
monitoring. By incorporating this dual-path structure, the present research seeks to offer deeper insights
into how psychological predispositions relate to SMA.

2.2 Social Media Stalking and Information Overload

Social media stalking (SMS) involves the repeated and impulsive monitoring of other users’ profiles to
track their recent online activities. Such behaviors may occur either intentionally or unintentionally and
are often driven by curiosity and a desire to remain informed about others’ lives [24].

Because individuals engaged in SMS often devote excessive time to social media, such engagement can
interfere with daily routines, including nocturnal sleep [25]. This pattern creates a cycle of habitual checking
and increased time investment, which may facilitate the emergence of compulsive tendencies. Research
indicates that SMS strongly predicts excessive social media use [24], as individuals who monitor others’
information tend to spend more time on platforms, a behavior associated with addictive tendencies [26].

Although SMS involves frequent engagement, it should not be equated with SMA itself. Instead,
it is conceptualized as an intermediate behavioral process characterized by habitual monitoring, which
may increase individuals’ exposure to social media content and repeated interaction with the platform,
without necessarily implying a loss of control. By distinguishing this habit-based process from addiction,
this perspective helps clarify how routine monitoring behaviors may contribute to the development of
problematic engagement. Therefore, the study postulates that:

Hypothesis 1 (H1): Social media stalking is positively associated with social media addiction.

Information overload (IO) is triggered when people receive more data than they can effectively
process [27]. While prior research often views IO as a consequence of addiction, this perspective overlooks
the antecedent impact of the social media environment on cognitive processes. In contemporary digital
contexts, where users are continuously exposed to multi-source and rapidly updating streams, IO functions
as a pervasive environmental condition rather than a mere symptomatic outcome. Consequently, it is
essential to reframe IO as a cognitive mechanism active during the usage process rather than a secondary
result variable.

According to Cognitive Load Theory, people have finite mental resources. When exposed to large
volumes of complex information, processing demands increase substantially, and IO can hinder the efficient
and effective use of information. This may lead to a diminished sense of control over one’s situation
and trigger a range of negative responses, including uncertainty, stress, and reduced motivation [28]. As
information volume keeps expanding, distinguishing useful, accurate, and high-quality content becomes
progressively more challenging. Consequently, individuals may perform below expected levels, abandon
tasks, procrastinate, or rely on superficial and low-quality information processing strategies [28]. These
patterns of engagement may increase susceptibility to problematic use.

Thus, beyond being a potential consequence of excessive use, IO can also function as a cognitively
mediated source of pressure arising from information environments. By weakening self-regulatory capacity,
it may indirectly shape patterns of social media engagement and increase susceptibility to addictive behavior.

Hypothesis 2 (H2): Information overload is positively associated with social media addiction.
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2.3 Boredom Proneness, Anxiety Proneness, and Social Comparison Orientation

2.3.1 Boredom Proneness

Boredom proneness is an aversive emotional state characterized by a consistent lack of internal
stimulation and difficulty maintaining attention. Individuals high in this trait frequently seek external
sensory input to alleviate feelings of monotony. Social media platforms, with their continuous stream of
interpersonal updates and interactive affordances, offer a convenient venue for such stimulation seeking [29].

SMS represents a low-effort behavioral strategy for mitigating boredom, as it provides constant
informational novelty with relatively minimal cognitive investment. Consequently, boredom-prone
individuals may utilize social media stalking as a habitual means of escaping. Accordingly, we propose:

Hypothesis 3a (H3a): Boredom proneness is positively associated with social media stalking behaviors.

Beyond behavioral monitoring, boredom proneness significantly influences how individuals process
digital content. To escape under-stimulation, boredom-prone users often engage intensively with diverse
and novel online experiences, even when such behaviors impair long-term well-being [29,30]. This intensive
engagement frequently results in excessive exposure to high-density information environments. As these
individuals consume vast volumes of content to sustain interest, the resulting cognitive demands may
exceed their finite processing limits, leading to information overload (I0). Thus, the pursuit of emotional
stimulation through social media inadvertently increases cognitive burden by depleting available mental
resources over time.

Hypothesis 3b (H3b): Boredom proneness is positively associated with information overload in social
media use.

Boredom is deeply rooted in attentional deficits and a widespread deficiency of interest in primary
tasks. Boredom-prone individuals are highly distractible, often abandoning utilitarian activities in favor of
hedonic alternatives like social media [29]. While these platforms are intentionally designed to capture
attention and satisfy the need for novelty [31], repetitive reliance on digital stimulation can weaken an
individual’s self-regulatory capacity. Addiction research suggests that such habitual coping mechanisms
reinforce excessive usage patterns, gradually evolving into problematic engagement [32]. Over time, the
habitual reliance on social platforms as the chief instrument for boredom regulation fosters a psychological
craving, which in turn catalyzes the transition into addictive usage. Therefore, we propose:

Hypothesis 3¢ (H3c): Boredom proneness is positively associated with social media addiction.

2.3.2 Anxiety Proneness

Anxiety, particularly in social contexts, involves a heightened concern regarding social evaluation and
a sensitivity to interpersonal feedback. According to the Theory of Compensatory Internet Use (TCIU),
individuals experiencing psychological distress often utilize online environments to mitigate negative
emotions or compensate for perceived offline social deficiencies [2]. Within this framework, social media
stalking functions as a strategic coping mechanism. Anxious individuals may repeatedly monitor others’
profiles to interpret social dynamics and reduce uncertainty about their standing. While initially a form of
self-protection, this persistent surveillance reinforces a reliance on digital cues for emotional stabilization.
Thus, we hypothesize:
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Hypothesis 4a (H4a): Anxiety is positively associated with social media stalking behaviors.

As a future-oriented affective state, anxiety drives individuals to anticipate potential negative outcomes
and seek constant updates to remain informed [33]. This need for reassurance often leads anxious users to
maintain active presences across multiple digital platforms [34]. While mediated communication reduces
immediate social pressure compared to face-to-face interaction, it simultaneously intensifies exposure to
diverse and rapidly updating information streams [35]. Given the finite nature of cognitive resources, this
heightened input increases the likelihood of experiencing information overload. Thus, the anxious pursuit of
digital reassurance inadvertently elevates cognitive demands, leading to a state of informational saturation.

Hypothesis 4b (H4b): Anxiety is positively associated with information overload in social media use.

Anxiety is a common emotional state characterized by nervousness, worry, and anticipation of
potential negative events, manifesting in both cognitive and physiological distress [34]. Empirical evidence
consistently links elevated anxiety to problematic technology use, including smartphone and Internet
addiction [36,37]. For anxious individuals, social media provides an accessible avenue for distraction and
social connection [34], often manifesting in intensified usage patterns [38]. However, when individuals
habitually rely on these platforms to regulate their affective states, this coping strategy can weaken
self-regulatory capacity and foster psychological dependence. Consequently, the persistent engagement
driven by anxiety-related distress is expected to facilitate the development of addictive behaviors. Thus,
we hypothesize:

Hypothesis 4c (H4c): Anxiety is positively associated with social media addiction.

2.3.3 Social Comparison Orientation

Social comparison theory (SCT) holds that people tend to gauge their personal proficiency and social
position by measuring themselves against their peers [39]. Those characterized by a strong tendency toward
social comparison are inherently motivated to seek information about peers to facilitate these evaluations.
Social media platforms, characterized by an abundance of accessible personal data, provide an ideal context
for such comparative processes. Under the TCIU framework, social media stalking functions as a strategic
mechanism for acquiring evaluative information [2]. By repeatedly monitoring others’ profiles, individuals
with high social comparison orientation can efficiently gather the social cues necessary to navigate their
interpersonal environment and satisfy their need for self-assessment. Accordingly, we propose:

Hypothesis 5a (H5a): Social comparison orientation is positively associated with social media stalking behaviors.

Social comparison on digital platforms requires users to constantly process, evaluate, and switch
between diverse types of social information [40]. Social media platforms have become primary environments
for social comparison, as they prominently display curated information about others’ achievements,
lifestyles, and social interactions. Research indicates that upward social comparison often occurs
automatically when users are exposed to others’ content [41]. According to Cognitive Load Theory,
such continuous evaluative processing and cognitive switching consume substantial mental resources. For
individuals with a strong social comparison orientation, the persistent drive to compare their lives with the
idealized lifestyles of others creates an intense informational demand. This heightened cognitive activity
frequently exceeds finite processing limits, leading to information overload. Accordingly, we propose:
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Hypothesis 5b (H5b): Social comparison orientation is positively related to information overload during
social media use.

Social comparison orientation describes an enduring inclination to perform self-appraisals through
the lens of interpersonal contrasts [42]. In social media environments, users frequently encounter idealized
portrayals that can evoke negative affective states, including jealousy and dissatisfaction [43]. These
emotional discrepancies create psychological discomfort and cognitive dissonance [44]. Social comparison
orientation captures an individual’s propensity to engage in such comparative processes. According to
TCIU, such negative experiences function as stressors that may paradoxically motivate increased platform
engagement as a coping mechanism [2]. When individuals repeatedly utilize social media to manage the
emotional fallout of skewed comparisons, this habitual reliance can weaken self-regulatory capacity and
reinforce addictive usage patterns. Consequently, a strong orientation toward social comparison is expected
to facilitate one’s susceptibility to social media addiction. Accordingly, we propose:

Hypothesis 5¢ (H5c): Social comparison orientation is positively associated with social media addiction.

2.4 The Mediating Roles of Information Overload and Social Media Stalking

The S-O-R logic dictates that intrinsic or extrinsic triggers evoke specific internal conditions, which in
turn influence behavioral responses [45]. A critical distinction within this framework lies in its emphasis on
indirect relationships, where the impact of a stimulus is transmitted through mediating mechanisms [46].
This study identifies social media stalking and information overload as the primary cognitive and behavioral
pathways through which psychological predispositions are transformed into addictive outcomes.

Social media stalking represents a behavioral pathway characterized by habitual monitoring and
repeated checking of others’ activities. Although such behaviors involve frequent engagement, they do
not necessarily imply a loss of control and are therefore conceptually distinct from social media addiction.
Instead, they can be understood as intermediate behavioral patterns that increase exposure to social media
and reinforce routine interaction with the platform. Prior research has shown that cyberstalking as a
mediator, linking dark personality traits to dysfunctional social media engagement [47]. Moreover, stalking
behaviors have been shown to correlate positively with Internet addiction [48] and compulsive social media
use [24]. By establishing a cycle of constant profile checking and heightened platform engagement, SMS
serves as the behavioral bridge that reinforces the transition from initial psychological needs to compulsive
usage patterns.

Parallel to behavioral pathways, information overload functions as a cognitive mediator. This study
conceptualizes information overload as a state of cognitive constraint where excessive informational input
exhausts an individual’s processing capacity [49]. Rather than being solely a consequence of heavy use,
information overload can function as a cognitive condition that shapes how individuals engage with social
media. When cognitive resources are excessively consumed, users may rely on superficial and low-quality
information processing strategies [28], which can increase susceptibility to problematic use. Existing
studies have linked information overload to fatigue [50], stress [51], and maladaptive usage patterns [52],
suggesting its role as a mechanism underlying behavioral outcomes.

By distinguishing these behavioral and cognitive processes, the study conceptualizes social media
stalking and information overload as intermediate mechanisms that precede addictive use. This distinction
helps clarify how psychological predispositions are translated into problematic engagement through
different pathways.
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Accordingly, we propose:

Hypothesis 6 (H6): Social media stalking mediates the relationships between psychological antecedents and
social media addiction.

Hypothesis 7 (H7): Information overload mediates the relationships between psychological antecedents and
social media addiction.

Aligning with the S-O-R logic, the current study examines how specific psychological predispositions
are associated with SMA through the dual pathways of cognitive strain and habitual monitoring. Fig. 1
presents the conceptual framework and the hypothesized paths between these variables.

Figure 1: Structure of the proposed model. Note: BP, Boredom Proneness; ANX, Anxiety; SC, Social Comparison;
SMS, Social Media Stalking; IO, Information Overload; SMA, Social Media Addiction.

3 Methods
3.1 Participants

Using convenience sampling, this study recruited Chinese adults aged 18 years and above who had
prior experience with social media and reported using at least one social media platform daily. Data
were collected in January 2026, primarily through Credamo, a commonly used online survey platform in
China, with a small proportion of responses obtained through offline channels. All individuals participated
voluntarily after providing informed consent. This study was reviewed and approved by the Institutional
Review Board of the School of Journalism and Communication, Beijing Normal University (Approval No.:
BNUJ&C20250408005), where the corresponding author was affiliated at the time of ethics application.
After excluding responses that exhibited patterned answering, contained missing values, or were completed
in an unusually short time, 258 valid responses were kept for subsequent analyses, satisfying the minimum
threshold of 200 necessary for structural equation modeling (SEM) models with moderate complexity [53].

The final sample included 155 females (60.1%) and 103 males (39.9%), averaging 31.45 years of age
(Mean = 31.45, SD = 8.65). Regarding age distribution, participants fell into the following brackets: 18-27
(40.3%), 28-37 (40.7%), 38—-47 (12.0%), and 48 years or older (7.0%). Regarding employment status, the
majority of participants were employed full-time (71.7%), followed by students (13.6%), freelancers (8.5%),
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and entrepreneurs (3.5%), with a small proportion identifying as workers, unemployed, or retired. With
respect to educational attainment, most participants held an undergraduate degree (69.8%), while 16.7%
reported a postgraduate degree. The remaining participants reported education levels ranging from junior
college to middle school. Participants’ average daily engagement with social media was also recorded.
Approximately 29.1% indicated using social media for 2-3 h per day, followed by 21.7% for 3-4 h, 15.1% for
4-5 h, and 10.1% for 5-6 h. Smaller proportions reported either relatively light use (less than 2 h per day) or
heavy use (more than 6 h per day). The distribution of demographic variables across the final sample is
illustrated in Table 1.

Table 1: Demographic profile of the respondents (N = 258).

Category Frequency Percentage (%)
Female 155 60.1
Gender Male 103 39.9
18-27 104 40.3
28-37 105 40.7
Age
38-47 31 12.0
>48 18 7.0
Student 35 13.6
Employed 185 71.7
Freelancer 22 8.5
Employment Entrepreneur 9 35
Worker 4 1.6
Unemployed 2 0.8
Retired 1 0.4
Middle school 3 1.2
High school 9 3.5
Education level Junior college 23 8.9
Undergraduate 180 69.8
Postgraduate 43 16.7
<1h 3 1.2
1-2h 33 12.8
2-3h 75 29.1
3-4h 56 21.7
Time spent per day on social media 4-5h 39 15.1
5-6 h 26 10.1
6-7h 12 4.7
7-8h 8 3.1
>8 h 6 2.3

3.2 Instruments

To ensure cultural and linguistic equivalence, scales adopted from previous literature underwent
a Chinese translation process. All items were rated on a five-point Likert scale (1 = strongly disagree;
5 = strongly agree).

3.2.1 Boredom Proneness Scale

This research utilized the Short Boredom Proneness Scale, with the Chinese adaptation and translation
provided by Peng et al. [54]. It comprises eight items assessing individuals’ feelings of monotony and
emptiness. A sample item is: ‘T need to do repetitive and monotonous things”.
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3.2.2 Anxiety Proneness Scale

Anxiety was assessed with five items adapted from Jabeen et al. [34]. This scale assesses anxiety as an
emotional response characterized by unpleasant feelings triggered by fear or concern in social contexts.
Example item: “I am afraid that others will not like me”.

3.2.3 Social Comparison Orientation Scale

A six-item scale adapted from Jabeen et al. [34] was used to measure social comparison orientation,
defined as individuals’ tendency to compare oneself with others in online settings. Example item: “When I
am on social media, I tend to compare myself with others”.

3.2.4 Social Media Stalking Scale

To evaluate social media stalking, we utilized a six-item instrument derived from the work of Tandon
et al. [2]. It captures the degree of persistent observation regarding other users’ social media engagement
and content. Example item: “I usually check others’ social media profiles to see what they are up to”.

3.2.5 Information Overload Scale

Information overload was assessed with five items adapted from Qaisar et al. [52] and Shi et al. [55],
reflecting users’ perceptions that incoming information surpasses what they can process or personally
need. Example item: “I am overwhelmed by the amount of information that I process on a daily basis from
social media”.

3.2.6 Social Media Addiction Scale

Social media addiction was assessed with items adapted from Qaisar et al. [52], covering core features
of problematic use, including preoccupation, unsuccessful attempts to reduce usage, withdrawal-related
anxiety, and interference with academic and social functioning. Example item: “I feel anxious if I cannot
access social media”.

3.3 Data Analysis

Statistical analysis was conducted using AMOS 26.0 and SPSS 27.0 (IBM Corp., Armonk, NY, USA).
Consistent with the two-step SEM procedure, the measurement model was first evaluated for reliability
and validity, after which the structural paths were tested.

The measurement model exhibited a satisfactory fit, indicating that the proposed conceptual structure
aligns well with the empirical data: y?/df = 1.45, CFI (comparative fit index) = 0.97, TLI (Tucker-Lewis
index) = 0.97, RMSEA (root mean square error of approximation) = 0.04. Three items (SMS3, 105, and
SMA1) displayed factor loadings under the suggested 0.70 cut-off and were consequently omitted from
later analyses [56]. The choice to discard these items was informed by both empirical data and theoretical
grounds. Specifically, retaining items with low loadings may weaken construct validity and introduce
measurement error. After removal, all constructs maintained adequate content coverage, suggesting that
the exclusion did not compromise the conceptual integrity of the measures. Furthermore, both Cronbach’s
alpha and composite reliability (CR) for all constructs exceeded 0.70, indicating robust reliability and internal
consistency [57]. Although several constructs showed relatively high Cronbach’s alpha values, which may
indicate potential item redundancy, this also reflects a high degree of internal consistency among items
capturing similar underlying dimensions. Given that the retained items represent theoretically coherent
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aspects of each construct, the reliability levels were considered acceptable for the purposes of this study.
Detailed results for factor loadings, Cronbach’s alpha, composite reliability, and average variance extracted
(AVE) are reported in Table 2. Discriminant validity was assessed using the Fornell-Larcker criterion. As
shown in Table 3, the square root of the AVE for each construct was greater than its correlations with all
other constructs, thereby supporting the adequacy of discriminant validity [58].

Table 2: Reliability and validity results (N = 258).

Construct Items Factor Loading Cronbach’s Alpha AVE CR
BP1 0.799
BP2 0.730
BP3 0.751
BP4 0.789
B BP
oredom proneness (BP) BPS 0.870 0.938 0.655 0.938
BP6 0.824
BP7 0.829
BP8 0.872
ANX1 0.854
ANX2 0.894
Anxiety (ANX) ANX3 0.876 0.925 0.721 0.928
ANX4 0.868
ANX5 0.744
SC1 0.882
SC2 0.875
SC3 0.865
Social i SC
ocial comparison (SC) SCa 0.862 0.944 0.740 0.945
SC5 0.802
SCé6 0.873
101 0.857
. 102 0.878
Information overload (I0) 103 0.813 0.911 0.719 0.911
104 0.843
SMA2 0.812
SMA3 0.832
Social media addiction (SMA) SMA4 0.781 0.906 0.659 0.906
SMAS5 0.789
SMA6 0.844
SMS1 0.849
SMS2 0.873
Social media stalking (SMS) SMS4 0.793 0.918 0.695 0.919
SMS5 0.826
SMS6 0.825

Note: AVE, Average Variance Extracted; CR, Composite Reliability.

Table 3: Means, standard deviations, and correlations among study variables (N = 258).

Variables Mean SD BP ANX SC 10 SMA SMS
BP 2.634 1.023 0.809
ANX 3.012 1.052 0.551** 0.849
SC 3.089 1.073 0.542** 0.660™* 0.860
10 2.908 1.136 0.671* 0.507** 0.525** 0.848

SMA 2.898 1.079 0.698** 0.625** 0.651** 0.788"* 0.812
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Table 3: Cont.

Variables Mean SD BP ANX SC 10 SMA SMS

SMS 3.478 0.943 0.497** 0.562** 0.723** 0.519** 0.665™* 0.834

Note: **p < 0.01. The diagonal elements (in bold) represent the square root of the AVE for each construct, whereas the off-diagonal
elements are the correlations among constructs. SD, Standard Deviation; BP, Boredom Proneness; ANX, Anxiety; SC, Social
Comparison; SMS, Social Media Stalking; IO, Information Overload; SMA, Social Media Addiction.

4 Results

4.1 Descriptive Statistical Analysis and Correlation Analysis

We conducted a descriptive statistical analysis on the dataset. As illustrated in Table 3, the average
scores of the six primary variables ranged from 2.634 to 3.478. Specifically, SMS exhibited the highest mean
(Mean = 3.478, SD = 0.943), while BP showed the lowest (Mean = 2.634, SD = 1.023). These results suggest
that participants experienced moderate levels of psychological traits and social media-related behaviors.
The standard deviations, which varied between 0.943 and 1.136, indicate a reasonable degree of dispersion
in the responses, providing a suitable basis for further SEM analysis.

Pearson correlation analysis examined links among the variables. Table 3 shows that all constructs
were positively related at the 0.01 significance level. In particular, boredom proneness, anxiety, and social
comparison orientation were significantly associated with both information overload and social media
stalking. Moreover, information overload and social media stalking were strongly correlated with social
media addiction. Overall, the correlations were of moderate to strong magnitude, providing preliminary
support for the proposed hypotheses and satisfying the prerequisite for subsequent structural equation
modeling. In addition, multicollinearity among the constructs was examined using variance inflation
factors (VIFs). The VIF values ranged from 1.998 to 2.691, all of which were below the recommended
threshold of 5 [59], indicating that multicollinearity was not a serious concern in this study. Moreover, we
used the common latent factor technique to test common method bias (CMB). The one-factor constrained
model exhibited poor indices, with y? = 2985.54, df = 495, CFI = 0.66, TLI = 0.64, RMSEA = 0.14, while the
standardized regression weights in this model displayed a difference of less than 0.2 [60]. More importantly,
the one-factor constrained model demonstrated inferior fit in comparison to the six-factor unconstrained
model (Ay? (df) = 2288.57 (15), p < 0.001). This affirms that CMB does not pose a significant concern in
our study.

4.2 Structural Model

The structural model demonstrated a good overall fit to the data ( )(z/df =1.46, CFI = 0.97, TLI = 0.97,
RMSEA = 0.04). The results of the hypothesis testing are shown in Table 4. Regarding the mediating
variables, both social media stalking (f = 0.245, p < 0.01) and information overload (f = 0.553, p < 0.01)
were significantly and positively associated with social media addiction, providing support for H1 and H2.
Boredom proneness showed significant positive associations with social media stalking (f = 0.112, p < 0.05)
and information overload (f = 0.577, p < 0.01), supporting H3a and H3b. However, its direct relationship
with social media addiction was not significant (§ = 0.137, p > 0.05), leading to the rejection of H3c. Anxiety
did not exhibit significant associations with social media stalking (8 = 0.084, p > 0.05), information overload
(B =0.097, p > 0.05), or social media addiction (f = 0.116, p > 0.05); therefore, H4a, H4b, and H4c were not
supported. Social comparison was strongly associated with social media stalking (f = 0.651, p < 0.01) and
was also positively associated with information overload (f = 0.165, p < 0.05), supporting H5a and H5b.
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However, its direct link to social media addiction was not significant (8 = 0.041, p > 0.05), resulting in the
rejection of H5c.

The structural model demonstrated strong explanatory power, accounting for 56.7% of the variance in
information overload (R? = 0.567), 61.7% of the variance in social media stalking (R? = 0.617), and 85.9% of
the variance in social media addiction (R? = 0.859). The notably high R? for social media addiction should
be interpreted with caution, as it may partly reflect the conceptual proximity between the mediators and

the outcome, as further discussed in the limitations section.

Table 4: Results of hypothesis testing.

Hypothesis Path B p-Value Accepted
Hi1 SMS — SMA 0.245 0.002 Yes
H2 I0 — SMA 0.553 0.001 Yes
H3a BP — SMS 0.112 0.043 Yes
H3b BP — IO 0.577 0.001 Yes
H3c BP — SMA 0.137 0.053 No
H4a ANX — SMS 0.084 0.307 No
H4b ANX — IO 0.097 0.208 No
H4c ANX — SMA 0.116 0.059 No
Hb5a SC — SMS 0.651 0.001 Yes
H5b SC — 10 0.165 0.049 Yes
H5c SC — SMA 0.041 0.579 No

Note: BP, Boredom Proneness; ANX, Anxiety; SC, Social Comparison; SMS, Social Media Stalking; IO, Information Overload; SMA,
Social Media Addiction.

4.3 Mediation Analyses

As shown in Table 5, social media stalking significantly mediated the relationship between boredom
proneness and social media addiction (f = 0.027, 95% CI [0.003, 0.071]), supporting the proposed mediating
effect. In addition, social media stalking also mediated the relationship between social comparison and
social media addiction (8 = 0.160, 95% CI [0.071, 0.278]). However, the indirect link from anxiety to social
media addiction through social media stalking was not significant (f = 0.021, 95% CI [—0.020, 0.079]).

With respect to information overload, the results indicated a significant indirect association between
boredom proneness and social media addiction (f = 0.319, 95% CI [0.209, 0.455]), suggesting that information
overload played a substantial mediating role in this relationship. Similarly, information overload significantly
mediated the relationship between social comparison and social media addiction (f = 0.091, 95% CI
[0.005, 0.199]). In contrast, the indirect pathway from anxiety to social media addiction via information
overload was not statistically significant (§ = 0.054, 95% CI [—0.033, 0.153]).

Table 5: Results of mediation analyses.

Path B SE p-Value LLCI ULCI

BP — SMS — SMA 0.027 0.017 0.033 0.003 0.071
ANX — SMS — SMA 0.021 0.024 0.257 —0.020 0.079
SC — SMS — SMA 0.160 0.053 0.001 0.071 0.278
BP — 10 — SMA 0.319 0.063 0.001 0.209 0.455
ANX — IO — SMA 0.054 0.047 0.200 —0.033 0.153
SC — 10 — SMA 0.091 0.049 0.039 0.005 0.199

Note: SE, Standard Error; LLCI, Lower Limit of Confidence Interval; ULCI, Upper Limit of Confidence Interval; BP, Boredom
Proneness; ANX, Anxiety; SC, Social Comparison; SMS, Social Media Stalking; IO, Information Overload; SMA, Social
Media Addiction.
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5 Discussion

This research provides a nuanced perspective on social media addiction by identifying two empirically
distinguishable pathways through which psychological predispositions are associated with problematic
engagement. Utilizing the S-O-R framework, the study identifies cognitive strain and habitual behavioral
monitoring as parallel mechanisms linking internal traits to social media addiction. The results suggest that
boredom proneness and social comparison orientation are not directly associated with addictive outcomes
but are related to such outcomes through these intermediary processes. This dual-path perspective extends
prior research by moving beyond undifferentiated organism-level explanations and providing a more
fine-grained account of how psychological tendencies are linked to problematic use patterns.

From the cognitive pathway perspective, boredom proneness and social comparison orientation were
both linked to increased information overload, which subsequently correlated with social media addiction.
Individuals with high boredom proneness tend to seek external stimulation [29], and social media provides
a readily accessible source of continuous input [61]. However, sustained exposure to fragmented and
high-density content may exceed cognitive processing capacity, thereby increasing cognitive strain [27].
Similarly, users possessing a more intense social comparison tendency are prone to assessing others’
digital engagements, a process requiring continuous processing of diverse social information [62]. This
sustained demand on cognitive resources contributes to perceptions of overload. In this sense, information
overload reflects a form of cognitive pressure associated with reduced self-regulatory capacity and increased
vulnerability to problematic engagement.

From the behavioral pathway perspective, boredom proneness and social comparison orientation were
also found to relate indirectly to social media addiction through social media stalking. For boredom-prone
individuals, repetitive and low-effort browsing serves as a convenient means of alleviating under-stimulation,
which may gradually develop into habitual patterns of use. For those high in social comparison orientation,
social media stalking provides an accessible way to obtain evaluative information [61]. Repeated monitoring
may shift from goal-directed behavior to habitual checking over time. In this regard, social media stalking
represents a form of habitual engagement that increases repeated interaction with platforms and is associated
with problematic use patterns [24].

Although repeated monitoring and perceptions of information overload may appear similar to
manifestations of problematic use, the present study conceptualizes them as intermediate processes rather
than the outcome itself. Specifically, cognitive strain and habitual monitoring are understood as transitional
stages that precede the loss of control typically associated with addiction. This distinction explains
why these variables are strongly associated with social media addiction while remaining theoretically
separable. Simultaneously, the findings do not preclude the possibility that these processes emerge as
consequences of prolonged engagement, suggesting a complex relationship between mechanisms and
outcomes. Consequently, the model explains a high proportion of variance in social media addiction.
While this reflects the close alignment between the proposed mechanisms and problematic engagement,
it also warrants cautious interpretation. Self-report data obtained at a single time point may introduce
shared method variance, potentially inflating observed associations. Additionally, the inclusion of proximal
cognitive and behavioral processes contributes to the model’s explanatory strength. Therefore, the reported
explanatory power should be interpreted with caution. Future research may consider adopting multi-method
and longitudinal designs to further assess the robustness of these relationships.

Contrary to expectations, anxiety was not significantly associated with the mediating variables or SMA.
This result could be attributed to the particular way anxiety was operationalized in this research, which
primarily reflects social-evaluative concerns. Highly anxious individuals may adopt avoidance-oriented
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strategies to limit exposure to potentially threatening social information, rather than increasing engagement
through monitoring or extensive use [63]. Consequently, their involvement in both stalking and intensive
information processing may be reduced [5]. Alternatively, the non-significant effect may reflect a suppression
pattern, whereby stronger predictors like boredom proneness and social comparison orientation account
for a large share of variance in the mediators. Furthermore, the impact of anxiety might be situational.
Taken together, these results imply that anxiety could operate as a conditional factor instead of a general
predictor, with its influence depending on measurement and contextual conditions.

5.1 Theoretical and Practical Implications

This study refines the theoretical understanding of SMA by distinguishing between cognitive and
behavioral mediating pathways. While previous S-O-R research often overlooks specific organism-level
processes, our findings identify information overload and social media stalking as two functionally distinct
routes linking internal stimuli to addictive outcomes. By conceptualizing these variables as mechanistic
precursors rather than mere symptoms, this research offers a granular account of how psychological
predispositions translate into problematic engagement, thereby broadening the interpretive scope of the
S-O-R model in digital contexts.

Regarding practical implications, these findings provide a strategic blueprint for mitigating social
media addiction. Preventive measures might be more impactful when focusing not only on reducing
screen time but also on addressing the underlying psychological drivers that initiate excessive engagement.
For example, strategies that promote alternative offline activities during periods of boredom may lessen
dependence on social media as a substitute coping outlet. Additionally, the significant role of information
overload suggests that platform design should consider cognitive load management. Features such as
usage reminders, adaptive content filtering, and information-density regulation may help reduce perceived
overload, thereby interrupting the progression from frequent engagement to addictive use patterns.

5.2 Limitations and Directions for Future Research

Notwithstanding the insights provided by this work, certain constraints persist that offer valuable
avenues for subsequent investigations. First, a notable limitation is the relatively high R? values observed in
the structural model, particularly regarding social media addiction. While diagnostic tests (e.g., VIF)
ruled out severe multicollinearity, this high degree of explained variance may partly stem from the
inherent behavioral overlap between habit-based monitoring and addiction symptoms. Furthermore,
the use of a cross-sectional, self-reported approach during a single collection period might have introduced
common method bias and potentially inflated the reported correlations. Prospective studies ought to utilize
longitudinal frameworks or experimental methods to more robustly validate these effect sizes and capture
the underlying dynamic mechanisms.

Second, the current model assumes a linear and unidirectional pathway; however, the relationships
between information overload, social media stalking, and addiction may be reciprocal or self-reinforcing.
Future studies are encouraged to explore these potential bidirectional dynamics to offer a more sophisticated
insight into the developing digital landscape.

Finally, the employment of data from a solitary source may constrain the universal relevance of these
insights. The non-significant results observed for certain variables, such as anxiety, further suggest that
specific cultural or contextual mechanisms may not have been fully captured within the current scope.
Future research should incorporate extensive contextual factors and more varied, broad-based datasets to
improve the stability and cross-contextual generalizability of the results.
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6 Conclusions

Drawing on the S-O-R framework, this investigation identifies differentiated cognitive and behavioral
pathways through which psychological predispositions are associated with SMA. The results reveal that
boredom proneness and social comparison orientation are not directly linked to addictive outcomes but are
instead associated with problematic engagement through the intervening effects of information overload
and social media stalking.

Specifically, the cognitive pathway via information overload highlights how cognitive strain is linked
to addictive outcomes. Simultaneously, the behavioral pathway via social media stalking represents a
mechanistic conduit through which boredom and comparison-driven motivations are associated with
habitual or compulsive engagement. In contrast, the non-significant role of social evaluation anxiety
suggests its influence may be conditional or secondary compared to more potent motivational drivers.

Overall, the primary contribution of this research lies in empirically distinguishing between cognitive
strain and habitual monitoring as parallel intermediate processes. By reframing these variables as
mechanistic precursors rather than mere symptoms, this study offers a granular account of the internal
processes tied to SMA and provides a foundation for targeted digital wellness strategies.

Acknowledgement: Not applicable.
Funding Statement: The authors received no specific funding for this study.

Author Contributions: The authors acknowledge their roles in the manuscript as follows: study formulation and
structural design: Huimin Yin and Difan Guo; data gathering: Huimin Yin; methodological approach: Huimin Yin
and Difan Guo; analysis and explanation of data: Huimin Yin; manuscript preparation and drafting: Huimin Yin
and Difan Guo; oversight and editorial revision: Difan Guo. All authors reviewed and approved the final version of
the manuscript.

Availability of Data and Materials: The data that support the findings of this study are available from the
corresponding author upon reasonable request.

Ethics Approval: This study was reviewed and approved by the Institutional Review Board of the School of
Journalism and Communication, Beijing Normal University (Approval No.: BNUJ&C20250408005) and has obtained

written informed consent from all subjects to ensure that they participate in this study on a voluntary basis.

Conflicts of Interest: The authors declare no conflicts of interest.

Abbreviations

BP Boredom Proneness

ANX Anxiety

SC Social Comparison

10 Information Overload

SMS Social Media Stalking

SMA Social Media Addiction
S-O-R Stimulus-Organism-Response
References

1. Nikolinakou A, Phua ], Kwon ES. What drives addiction on social media sites? The relationships between
psychological well-being states, social media addiction, brand addiction and impulse buying on social media.
Comput Hum Behav. 2024;153:108086. [CrossRef].


https://doi.org/10.1016/j.chb.2023.108086

16

10.

11.

12.

13.

14.

15.

16.

17.

18.

19.

20.

21.

22.

23.

24.

Int ] Ment Health Promot. 2026;28(8):5

Tandon A, Dhir A, Talwar S, Kaur P, Mantyméki M. Dark consequences of social media-induced fear of missing
out (FoMO): social media stalking, comparisons, and fatigue. Technol Forecast Soc Change. 2021;171:120931.
[CrossRef].

Ryan T, Chester A, Reece J, Xenos S. The uses and abuses of Facebook: a review of Facebook addiction. ] Behav
Addict. 2014;3(3):133-48. [CrossRef].

Andreassen CS. Online social network site addiction: a comprehensive review. Curr Addict Rep. 2015;2(2):175-84.
[CrossRef].

Liu C, Ma J. Social media addiction and burnout: the mediating roles of envy and social media use anxiety. Curr
Psychol. 2020;39(6):1883-91. [CrossRef].

Murari K, Shukla S, Dulal L. Social media use and social well-being: a systematic review and future research
agenda. Online Inf Rev. 2024;48(5):959-82. [CrossRef].

Kaya A, Seyrek E, Sarigiil A, Sata M, Gomez-Salgado J, Yildirnm M. Social media addiction, perceived social
support, sleep disorder, and job performance in healthcare professionals: testing a moderated mediation model.
Int ] Ment Health Promot. 2025;27(8):1149-63. [CrossRef].

Hadlington L, White H, Curtis S. “I cannot live without my [tablet]”: children’s experiences of using tablet
technology within the home. Comput Hum Behav. 2019;94:19-24. [CrossRef].

Lissitsa S, Kagan M. Generations X, Y, Z: the moderating role of self-reliance in relationships between loneliness,
social media addiction, and life satisfaction in men. Cyberpsychol Behav Soc Netw. 2025;28(3):178—-86. [CrossRef].
Jiang Y, Zhao B, Qin X, Wu X. Network analysis of psychosocial correlates of short video addiction in Chinese
adolescents: a study guided by the I-PACE model. Curr Psychol. 2025;45(1):58. [CrossRef].

Cao X, Gong M, Yu L, Dai B. Exploring the mechanism of social media addiction: an empirical study from
WeChat users. Internet Res. 2020;30(4):1305-28. [CrossRef].

Li Q, Guo X, Bai X, Xu W. Investigating microblogging addiction tendency through the lens of uses and
gratifications theory. Internet Res. 2018;28(5):1228-52. [CrossRef].

Zhang Y. Caught in the loop: the role of volitional control in the FOMO and social media addiction cycle. Front
Psychol. 2025;16:1583921. [CrossRef].

Demircioglu ZI, Goncii Kose A. Effects of attachment styles, dark triad, rejection sensitivity, and relationship
satisfaction on social media addiction: a mediated model. Curr Psychol. 2018;40(1):414-28. [CrossRef].

Zhang ZY, Wu Y, Deng C, Wang P, Nong W. Relationship between Chinese medical students’ perceived stress
and short-form video addiction: a perspective based on the multiple theoretical frameworks. Int ] Ment Health
Promot. 2025;27(10):1533-51. [CrossRef].

Sun ], Chen PJ, Ren L, Shih EH, Ma C, Wang H, et al. Place attachment to pseudo establishments: an application
of the stimulus-organism-response paradigm to themed hotels. ] Bus Res. 2021;129:484-94. [CrossRef].
Sharma M, Kaushal D, Joshi S. Adverse effect of social media on generation Z user’s behavior: government
information support as a moderating variable. J Retail Consum Serv. 2023;72:103256. [CrossRef].

Dashti M, Sanayei A, Dolatabadi HR, Javadi MHM. Application of the stimuli-organism-response framework to
factors influencing social commerce intentions among social network users. Int J Bus Inf Syst. 2019;30(2):177.
[CrossRef].

Bai L. Research on influencing factors and mechanisms of college students’ use of artificial intelligence tools
based on sor and rational behavior models. Curr Psychol. 2025;44(2):1099-112. [CrossRef].

Wang D, Wang L. Research on the motivation for viewer addiction to live streaming: a cross-cultural investigation
of China and the USA. Online Inf Rev. 2025;49(1):200-21. [CrossRef].

Lin MY, Hong JC, Tai KH, Jiang PH. ChatGPT addiction predicted by openness to using new technology and
self-efficacy, and reflected in continuous intention. Interact Learn Environ. 2025;33(8):4805-19. [CrossRef].
Yang Q, Gong X. The engagement-addiction dilemma: an empirical evaluation of mobile user interface and
mobile game affordance. Internet Res. 2021;31(5):1745-68. [CrossRef].

Wand G. The influence of stress on the transition from drug use to addiction. Alcohol Res Health.
2008;31(2):119-36.

Dhir A, Talwar S, Kaur P, Budhiraja S, Islam N. The dark side of social media: stalking, online self-disclosure
and problematic sleep. Int ] Consum Stud. 2021;45(6):1373-91. [CrossRef].


https://doi.org/10.1016/j.techfore.2021.120931
https://doi.org/10.1556/JBA.3.2014.016
https://doi.org/10.1007/s40429-015-0056-9
https://doi.org/10.1007/s12144-018-9998-0
https://doi.org/10.1108/oir-11-2022-0608
https://doi.org/10.32604/ijmhp.2025.067388
https://doi.org/10.1016/j.chb.2018.12.043
https://doi.org/10.1089/cyber.2024.0216
https://doi.org/10.1007/s12144-025-08688-w
https://doi.org/10.1108/intr-08-2019-0347
https://doi.org/10.1108/intr-03-2017-0092
https://doi.org/10.3389/fpsyg.2025.1583921
https://doi.org/10.1007/s12144-018-9956-x
https://doi.org/10.32604/ijmhp.2025.070883
https://doi.org/10.1016/j.jbusres.2020.10.005
https://doi.org/10.1016/j.jretconser.2023.103256
https://doi.org/10.1504/ijbis.2019.097534
https://doi.org/10.1007/s12144-024-07167-y
https://doi.org/10.1108/oir-03-2023-0126
https://doi.org/10.1080/10494820.2025.2471910
https://doi.org/10.1108/intr-11-2020-0622
https://doi.org/10.1111/ijcs.12659

Int ] Ment Health Promot. 2026;28(8):5 17

25.

26.

217.

28.

29.

30.
31.

32.

33.

34.

35.

36.

37.

38.

39.

40.

41.

42.

43.

44.

45.

46.

47.

Ozdemir IL, Onal N. Investigating university students’ social media stalking situations. Ahmet Kelesoglu Egitim
Fakiiltesi Derg. 2024;6(1):92-105. [CrossRef].

Fioravanti G, Casale S. The active and passive use of Facebook: measurement and association with Facebook
addiction. J Psychopathol. 2020;26(2):176-82.

Arnold M, Goldschmitt M, Rigotti T. Dealing with information overload: a comprehensive review. Front Psychol.
2023;14:1122200. [CrossRef].

Sigolo BDOO, Casarin HDCS. Contributions of cognitive load theory to understanding information overload: a
literature review. Rev Digit De Bibliotecon E Ciéncia Da Informac&o. 2024;22:€024027. [CrossRef].

Whelan E, Najmul Islam AKM, Brooks S. Is boredom proneness related to social media overload and fatigue? A
stress—strain—outcome approach. Internet Res. 2020;30(3):869-87. [CrossRef].

Bench S, Lench H. On the function of boredom. Behav Sci. 2013;3(3):459-72. [CrossRef].

Yang X, Yang B, Tang C, Mo X, Hu B. Visual attention quality research for social media applications: A case
study on photo sharing applications. Int ] Hum—-Comput Interact. 2024;40(14):3827-40. [CrossRef].

Lin CH, Lin SL, Wu CP. The effects of parental monitoring and leisure boredom on adolescents’ Internet addiction.
Adolescence. 2009;44(176):993-1004.

Huang Q, Lei S, Ni B. Perceived information overload and unverified information sharing on WeChat amid the
COVID-19 pandemic: a moderated mediation model of anxiety and perceived herd. Front Psychol. 2022;13:837820.
[CrossRef].

Jabeen F, Tandon A, Sithipolvanichgul J, Srivastava S, Dhir A. Social media-induced fear of missing out (FoMO)
and social media fatigue: the role of narcissism, comparison and disclosure. J Bus Res. 2023;159:113693. [CrossRef].
Enez Darcin A, Kose S, Noyan CO, Nurmedov S, Yilmaz O, Dilbaz N. Smartphone addiction and its relationship
with social anxiety and loneliness. Behav Inf Technol. 2016;35(7):520-5. [CrossRef].

Lepp A, Barkley JE, Karpinski AC. The relationship between cell phone use, academic performance, anxiety, and
satisfaction with life in college students. Comput Hum Behav. 2014;31:343-50. [CrossRef].

Elhai JD, Levine JC, Dvorak RD, Hall BJ. Fear of missing out, need for touch, anxiety and depression are related
to problematic smartphone use. Comput Hum Behav. 2016;63:509-16. [CrossRef].

Vernon AR, Sandoval Medina K, Garcia MA, Cooper TV. The relationships between fear of missing out and
psychological and sociocultural factors in Latinx emerging adult college students. Cultur Divers Ethnic Minor
Psychol. 2025;31(3):572—-8. [CrossRef].

Talwar S, Dhir A, Kaur P, Zafar N, Alrasheedy M. Why do people share fake news? Associations between the
dark side of social media use and fake news sharing behavior. ] Retail Consum Serv. 2019;51:72-82. [CrossRef].
Festinger L. A theory of social comparison processes. Hum Relat. 1954;7(2):117-40. [CrossRef].

Yan N, Long Y, Yuan H, Zhou X, Xie B, Wang Y. The impact of mobile social media use on depressive mood
among college students: a chain mediating effect of upward social comparison and cognitive overload. Psychol
Res Behav Manag. 2024;17:2111-20. [CrossRef].

Wood JV. What is social comparison and how should we study it? Pers Soc Psychol Bull. 1996;22(5):520-37.
[CrossRef].

Zhou T, Xie Y. Examining social media users’ information avoidance: an integration of cognitive dissonance and
psychological empowerment. Int J Hum. 2024;40(20):6556-65. [CrossRef].

Faranda M, Roberts LD. Social comparisons on Facebook and offline: the relationship to depressive symptoms.
Pers Individ Differ. 2019;141:13-7. [CrossRef].

Ahmad Alsaggaf M, Althonayan A. An empirical investigation of customer intentions influenced by service
quality using the mediation of emotional and cognitive responses. J Enterp Inf Manag. 2018;31(1):194-223.
[CrossRef].

Zhu L, Li H, Wang FK, He W, Tian Z. How online reviews affect purchase intention: a new model based on the
stimulus-organism-response (S-O-R) framework. Aslib J Inf Manag. 2020;72(4):463-88. [CrossRef].

Kircaburun K, Jonason PK, Griffiths MD. The Dark Tetrad traits and problematic social media use: the mediating
role of cyberbullying and cyberstalking. Pers Individ Differ. 2018;135:264-9. [CrossRef].


https://doi.org/10.38151/akef.2024.132
https://doi.org/10.3389/fpsyg.2023.1122200
https://doi.org/10.20396/rdbci.v22i00.8677359
https://doi.org/10.1108/intr-03-2019-0112
https://doi.org/10.3390/bs3030459
https://doi.org/10.1080/10447318.2023.2201556
https://doi.org/10.3389/fpsyg.2022.837820
https://doi.org/10.1016/j.jbusres.2023.113693
https://doi.org/10.1080/0144929X.2016.1158319
https://doi.org/10.1016/j.chb.2013.10.049
https://doi.org/10.1016/j.chb.2016.05.079
https://doi.org/10.1037/cdp0000675
https://doi.org/10.1016/j.jretconser.2019.05.026
https://doi.org/10.1177/001872675400700202
https://doi.org/10.2147/PRBM.S447372
https://doi.org/10.1177/0146167296225009
https://doi.org/10.1080/10447318.2023.2257530
https://doi.org/10.1016/j.paid.2018.12.012
https://doi.org/10.1108/jeim-04-2017-0048
https://doi.org/10.1108/AJIM-11-2019-0308
https://doi.org/10.1016/j.paid.2018.07.034

18

48.

49.

50.

51.

52.

53.

54.

55.

56.

57.

58.

59.

60.

61.

62.

63.

Int ] Ment Health Promot. 2026;28(8):5

Navarro JN, Marcum CD, Higgins GE, Ricketts ML. Addicted to the thrill of the virtual hunt: examining the
effects of Internet addiction on the cyberstalking behaviors of juveniles. Deviant Behav. 2016;37(8):893-903.
[CrossRef].

Lee AR, Son SM, Kim KK. Information and communication technology overload and social networking service
fatigue: a stress perspective. Comput Hum Behav. 2016;55:51-61. [CrossRef].

Hattingh M, Dhir A, Ractham P, Ferraris A, Yahiaoui D. Factors mediating social media-induced fear of missing
out (FOMO) and social media fatigue: a comparative study among Instagram and Snapchat users. Technol
Forecast Soc Change. 2022;185:122099. [CrossRef].

Masrek MN, Baharuddin MF, Jalil A, Aman F. Information overload, anxiety, stress, and depression of online
distance learners. Int ] Eval Res Educ IJERE. 2024;13(6):3705. [CrossRef].

Qaisar S, Chu J, Shah Z, Hassan Z. Effects of social networking site overloads on discontinuous intentions of
users: a moderated mediation analysis. Behav Inf Technol. 2022;41(16):3530-51. [CrossRef].

Wolf EJ, Harrington KM, Clark SL, Miller MW. Sample size requirements for structural equation models: an
evaluation of power, bias, and solution propriety. Educ Psychol Meas. 2013;76(6):913-34. [CrossRef].

Peng JX, Peng XP, Huang H, Zeng ZY, Lii JZ, Ding XX, et al. Reliability and validity test of the Chinese vision of
short boredom proneness scale. Chin J Clin Psychol. 2019;27(2):231-82. (In Chinese).

Shi Q, Shen W, Li H, Yu L, Liu J. Beyond unidimensional burnout: exploring social media fatigue through a
dynamic and multidimensional lens. Int ] Hum. 2025:1-26. [CrossRef].

Hair JF, Risher JJ, Sarstedt M, Ringle CM. When to use and how to report the results of PLS-SEM. Eur Bus Rev.
2019;31(1):2—-24. [CrossRef].

Putri EY, Saputra I, Afnison W, Oktarina R, Kurniawan A, Kusumastuti D, et al. The interplay of cognitive and
personal attributes in shaping divergent thinking: mediating role of teaching behaviour and moderating effect
of Al adoption. Educ Inf Technol. 2025;30(16):22865-91. [CrossRef].

Fornell C, Larcker DF. Evaluating structural equation models with unobservable variables and measurement
error. ] Mark Res. 1981;18(1):39-50. [CrossRef].

Hair JF, Ringle CM, Sarstedt M. PLS-SEM: indeed a silver bullet. ] Mark Theory Pract. 2011;19(2):139-52.
[CrossRef].

Bui HN, Duong CD. ChatGPT adoption in entrepreneurship and digital entrepreneurial intention: A moderated
mediation model of technostress and digital entrepreneurial self-efficacy. Equilib Q J Econ Econ Policy.
2024;19(2):391-428. [CrossRef].

Burnell K, George M], Vollet JW, Ehrenreich SE, Underwood MK. Passive social networking site use and well-being:
the mediating roles of social comparison and the fear of missing out. Cyberpsychology. 2019;13(3):1-14.
[CrossRef].

Rousseau A, Eggermont S, Frison E. The reciprocal and indirect relationships between passive Facebook use,
comparison on Facebook, and adolescents’ body dissatisfaction. Comput Hum Behav. 2017;73:336—44. [CrossRef].
Faraci P, Nasonte G. The Brief Social Media Fatigue Scale (BSMFS): A new short version through exploratory
structural equation modeling and associations with trait anxiety, fear of missing out, boredom proneness, and
problematic use. Int ] Hum-Comput Interact. 2025;41(16):10096-122. [CrossRef].


https://doi.org/10.1080/01639625.2016.1153366
https://doi.org/10.1016/j.chb.2015.08.011
https://doi.org/10.1016/j.techfore.2022.122099
https://doi.org/10.11591/ijere.v13i6.29009
https://doi.org/10.1080/0144929X.2021.2002411
https://doi.org/10.1177/0013164413495237
https://doi.org/10.1080/10447318.2025.2580548
https://doi.org/10.1108/ebr-11-2018-0203
https://doi.org/10.1007/s10639-025-13652-z
https://doi.org/10.1177/002224378101800104
https://doi.org/10.2753/MTP1069-6679190202
https://doi.org/10.24136/eq.3074
https://doi.org/10.5817/cp2019-3-5
https://doi.org/10.1016/j.chb.2017.03.056
https://doi.org/10.1080/10447318.2024.2430921

	Introduction
	Literature Review
	The Stimulus-Organism-Response (SOR) Model
	Social Media Stalking and Information Overload
	Boredom Proneness, Anxiety Proneness, and Social Comparison Orientation
	Boredom Proneness
	Anxiety Proneness
	Social Comparison Orientation

	The Mediating Roles of Information Overload and Social Media Stalking

	Methods
	Participants
	Instruments
	Boredom Proneness Scale
	Anxiety Proneness Scale
	Social Comparison Orientation Scale
	Social Media Stalking Scale
	Information Overload Scale
	Social Media Addiction Scale

	Data Analysis

	Results
	Descriptive Statistical Analysis and Correlation Analysis
	Structural Model
	Mediation Analyses

	Discussion
	Theoretical and Practical Implications
	Limitations and Directions for Future Research

	Conclusions
	References

