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ABSTRACT: Background: Platform algorithms driving content presentation are profoundly shaping the experience
of younger users. While prior research has examined anxiety stemming from young adults’ social media usage, the
link between upward social comparison and anxiety remains unclear. This study aims to investigate the mediating
role of upward social comparison in this relationship and determine the moderating role of psychological resilience.
Methods: A cross-sectional survey was conducted among 562 young Chinese adults aged 18-35 (53% female). Data
were collected via an online questionnaire employing validated measurement instruments, including scales for social
media usage patterns, upward comparator behaviour (INCOM), anxiety levels (GAD-7), and psychological resilience
(RSA). Correlation analysis, mediation analysis, and moderation analysis were conducted using SPSS 29.0. Results: As
predicted, the results indicate that upward social comparison mediates the relationship between both active (3 = —0.11,
95% CI = [—-0.15, —0.08]) and passive (3 = 0.11, 95% CI = [0.07, 0.15]) social media use and anxiety. Furthermore,
psychological resilience (Bjow = 0.10, 95% CI = [0.06, 0.14]; Bpigh = 0.05, 95% CI = [0.01, 0.09]) moderated the indirect
effect of passive social media use on anxiety through upward social comparison. Conclusion: The findings indicate
that upward social comparison significantly influences the anxiety experienced by young social media users, with
psychological resilience playing a crucial moderating role. These results offer valuable insights for optimizing content
recommendation algorithms on social media platforms to better support young adults’ mental health.

KEYWORDS: Psychological well-being; digital mental health; upward social comparison; algorithmic stress;
psychological resilience; collectivist coping; young adults

1 Introduction

Since the early decades of the 21st century, digital hyperconnectivity has profoundly reshaped
individuals’ experiences of identity, success, and emotional well-being [1]. This effect is particularly
evident among the millennial generation immersed in social media platforms such as Instagram, Facebook,
and TikTok. Prolonged exposure to carefully curated and amplified content emphasizing idealized
attributes—such as academic achievement, lifestyle, and physical appearance—systematically triggers
comparison pressures that extend beyond users’ voluntary control. This phenomenon introduces new
psychological challenges, notably anxiety related to involuntary upward social comparisons [2]. Moreover,
platforms strategically employ algorithmic techniques to continuously present users with content
highlighting others’ accomplishments and successes. This practice intensifies the frequency of upward social
comparisons among young users, fostering persistent feelings of inadequacy. Consequently, it undermines
their self-worth [3], thereby constituting a structural mental health problem [4].
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Although extensive literature acknowledges the negative mental health consequences of social
media use (SMU) [5], existing research predominantly focuses on individual usage patterns rather than
the structural forces mediated by platforms. Most studies overlook how algorithmic content curation
mechanisms amplify users’ exposure to idealized content, promoting repeated and involuntary upward
comparisons that exacerbate anxiety associated with social media use. Furthermore, the role of psychological
resilience in coping with social media—induced anxiety among young adults remains underexplored. This is
especially true in collectivist contexts such as China, where family and community norms exert profound
influences on individual psychological adaptation [6]. Unlike groups that primarily rely on individualistic
coping strategies, Chinese young adults often depend on relational and interdependent coping mechanisms
deeply rooted in Confucian traditions and family structures. These cultural scripts facilitate family-and
peer-based co-regulation and shared meaning-making, serving as key resources for managing psychological
stress [7-9].

To address these critical gaps, this study draws on Festinger’s social comparison theory and the
culturally embedded psychological resilience framework [7,10,11]. It examines whether active and passive
social media use influence anxiety through upward social comparison and whether psychological resilience
moderates the anxiety caused by upward social comparison. In summary, this research adopts an
interdisciplinary perspective to deepen our understanding of the pathways shaping social media-related
anxiety among young adults. It also highlights the vital role of psychological resilience in maintaining
young adults’ mental health within digital environments, offering insights to better support young adults’
well-being through digital technologies in the future.

2 Literature Review

2.1 Social Media and Anxiety

In China’s mobile-first platform ecosystem, personalized recommendations have become the default
gateway, and users interact around profiles, connections, and algorithmically assembled streams of
user-generated content. This ecology increases content accessibility and exposure while reshaping the visible
boundaries and interaction rules of everyday sociality. A considerable body of research has identified that
the way social media is used can significantly influence psychological outcomes, particularly anxiety [12]. To
precisely assess the psychological impact, social media use (SMU) is typically classified into two categories:
active use, characterized by content creation, sharing, commenting, and engaging interactions; and passive
use, involving browsing content without interactive participation [13].

Empirical evidence suggests divergent psychological consequences associated with these different
usage patterns. Active SMU may enhance psychological well-being by fostering social capital accumulation,
where reciprocal interactions (e.g., receiving likes, building support networks) reinforce a sense of
belonging [12]. However, emerging evidence suggests that self-promotional active use (e.g., curating
idealized self-presentations) can paradoxically heighten anxiety through impression management
pressures [14]. This tension underscores the necessity of a nuanced operationalization of SMU types.
Adopting an improved framework from Verduyn et al. [13], the present study aims to elucidate the different
effects that active and passive social media use have on anxiety.

Thus, the existing evidence leads to the following hypotheses:

Hypothesis 1: Active social media use negatively affects users’ anxiety levels.

Hypothesis 2: Passive social media use positively affects users’ anxiety levels.



Int J Ment Health Promot. 2025;27(12) 1885

2.2 Upward Social Comparison and Anxiety

Social comparison theory, first introduced by Festinger [10], argues that individuals have an inherent
drive to evaluate their own abilities and opinions by comparing themselves with others. Particularly,
upward social comparison—comparing oneself with individuals perceived as superior—often triggers
negative emotional outcomes, such as reduced self-esteem and increased anxiety [15]. Although current
studies suggest that upward social comparison with outstanding others can inspire individuals, provide role
models, and enhance motivation [16], as well as boost users’ self-efficacy, thereby increasing motivation and
engagement in physical activity [17]. But Diel et al. [18] found that persistent upward social comparison
leads to greater self-improvement motivation but also more negative emotions. Moreover, Xu and Li [19]
showed that such comparisons can further increase social anxiety among Chinese college students by
triggering relative deprivation and rumination.

Despite this duality, upward social comparison has traditionally been situational and voluntary; social
media platforms now reinforce and automate its negative emotional impact by continuously exposing
users to algorithmically filtered content showcasing extraordinary achievements, idealized appearances, or
desirable lifestyles [20].

Upward social comparison is particularly amplified by passive SMU, as passive users frequently
encounter idealized portrayals without sufficient contextualization, leading to exaggerated negative
self-assessments and heightened anxiety [21]. Conversely, active SMU potentially provides users a greater
sense of control over the content they interact with, thereby decreasing the frequency of involuntary
upward comparisons [22].

Thus, social comparison acts as a critical psychological mechanism through which different SMU types
influence mental health. These considerations give rise to the following hypotheses:

Hypothesis 3: Active social media use negatively influences users’ upward social comparison.
Hypothesis 4: Passive social media use positively influences users’ upward social comparison.

Hypothesis 5: Upward social comparison negatively mediates the relationship between active social media
use and anxiety.

Hypothesis 6: Upward social comparison positively mediates the relationship between passive social media
use and anxiety.

2.3 Psychological Resilience

Given the complexity of the relationships between social media usage, social comparison, and
anxiety, mediating and moderating variables must be considered. Psychological resilience, defined as
an individual’s capacity to adapt positively despite adversity or stress, has emerged as a crucial moderator in
buffering negative psychological outcomes [11]. Research has shown that positive parent-child relationships,
secure attachment, and fewer negative interactions during childhood contribute to the development of
psychological resilience in young adulthood [23]. Throughout the developmental process, social support
from friends, family, and significant others also serves as a crucial source of resilience for young adults [24].
Resilience, in turn, can mitigate anxiety by enabling individuals to positively reframe stressful experiences
and adopt adaptive coping strategies [25].

Importantly, resilience has cultural dimensions. In Western countries, particularly in Europe and
North America, resilience tends to emphasize individualism, personal autonomy, and self-efficacy as
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its core components [26]. And in collectivist societies such as China, resilience is often relational and
culturally embedded, drawing strength from interpersonal connections, community support, and traditional
family values [27]. Cultural frameworks significantly shape how individuals interpret and cope with
upward social comparison in digital contexts, as resilience is influenced by culturally embedded values
and social norms that determine responses to stress [28]. This study adopts a contemporary cross-cultural
perspective, conceptualizing psychological resilience primarily as a universal human capacity to endure
and adapt to adversity [29], meaning that the pathways to cultivate this capacity, its manifestations, and its
socio-ecological context are deeply embedded within specific cultures.

Resilient individuals are likely to cognitively reinterpret the idealized portrayals encountered online
as performative or aspirational rather than realistic benchmarks. Such reinterpretations can significantly
reduce anxiety derived from upward comparisons, especially when passively consuming content. Conversely,
resilience can strengthen the positive effects of active SMU by reinforcing self-efficacy, narrative control, and
adaptive emotional regulation strategies [25].

Therefore, psychological resilience is expected to moderate the mediating pathways involving upward
social comparison between social media use and anxiety. Consequently, the following hypotheses are
proposed:

Hypothesis 7: Psychological resilience moderates the role of upward social comparison between active social
media use and anxiety levels.

Hypothesis 8: Psychological resilience moderates the mediating role of upward social comparison between
passive social media use and anxiety levels.

Overall, based on the above theoretical and empirical research, this study employs a moderated parallel
mediation model for testing, as shown in Fig. 1. The findings can assist social media platforms in optimizing
content recommendation algorithms, thereby fostering a healthier online environment for adolescent
mental health.

Active Social Media Use H3 Upward Social Comparison
H1 T
HS, H6 ) "
l<—H7, H8 Psychological Resilience
H4
Passive Social Media Use H2 Youth Anxiety

Figure 1: Diagram of the research model.

3 Method
3.1 Data Collection

This research employed a cross-sectional design. The data were collected through an online survey
conducted by Question Star (Wenjuan Star) from 20 to 25 May 2025. Question Star is a widely used
academic and market research platform in China. Prior to the formal survey, we conducted a pilot test
of 50 participants (demographics matched the target population) from 17 to 19 May 2025, to evaluate the
reliability and effectiveness of the questionnaire. Based on feedback from a panel of five experts in social
media psychology and psychometrics, ambiguous or culturally insensitive items were revised to enhance
clarity and contextual relevance. The study was approved by the Ethics Committee of Hong Kong Baptist
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University, approval No. COMM-AIDM-202425_001, on 13 May 2025. All participants provided informed
consent before participation. All procedures complied with the Declaration of Helsinki and the university’s
ethical guidelines.

3.2 Participants and Inclusion Criteria

The study focused on young adults in China, as this group heavily relies on digital connectivity and is in
a developmental stage characterized by identity exploration and goal evaluation within online environments.
Based on previous research by Willmott et al. [30] and Arnett [31], participants were required to be between
18 and 35 years old and reside in China. To minimize the potential impact of gender differences on the
results, a quota sampling method was adopted to ensure a balanced representation of genders.

The initial sample consisted of 603 participants; 6 blank submissions and 35 attention-check failures
were removed, yielding 562 valid responses. All participants were aged between 18 and 35 and lived in
China. Approximately 53% of the participants were female. Detailed demographic information is presented
in Table 1.

Table 1: Demographic characteristics of participants (N = 562).

Category Subcategory Count Percentage
Gender Male 264 47.0%
Female 298 53.0%
Age 18-25 years 241 42.9%
26-35 years 321 57.1%
City Tier Tier 1 (e.g., Beijing) 152 27.0%
Tier 2 (e.g., Chengdu) 224 39.9%
Tier 3 and below 186 33.1%
Education Level High School or Below 64 11.4%
Bachelor’s Degree 387 68.9%
Master’s or Above 111 19.8%
Annual Household Income <100k RMB 149 26.5%
100k-300k RMB 350 62.3%
>300k RMB 63 11.2%

Note: The city classification is derived from the Ranking of Cities” Attractiveness in CHINA 2024 with an indicator system
encompassing five primary dimensions, including commercial resource concentration and urban hub connectivity [32].

3.3 Variable Measurement

All scales were adapted from validated instruments and modified to align with China’s digital and
cultural context. Response options were standardized to minimize cognitive load. In this study, active-passive
social media use was the independent variable, upward social comparison was the mediating variable,
anxiety level was the dependent variable, and psychological resilience was the moderating variable.

3.3.1 Active-Passive Social Media Use

Active SMU was measured using three items adapted from Li [33], originally derived from Pagani and
Mirabello [34]. Example item: “I proactively search for content on social media to improve my academic
or professional skills”. Passive SMU was assessed via three items [33], e.g., “I often scroll through social
media feeds without a specific purpose”. Algorithmic Exposure Perception was added as a supplementary
dimension, measured by two items (e.g., “I frequently encounter narratives about successful individuals on
my social media homepage”). All items used a 5-point Likert scale (1 = strongly disagree to 5 = strongly
agree). Cronbach’s & was 0.803 (active SMU) and 0.781 (passive SMU).
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3.3.2 Upward Social Comparison

Upward social comparison (USC) was assessed using a six-item scale adapted for the Chinese
context [35], focusing on comparison targets specific to social media platforms. Given that USC frequently
occurs during passive browsing, items emphasized comparison with “other people on social networking
sites”. For example, one statement read: “On social networking sites, I always like to compare myself with
other people who perform better than me”. Responses were rated on a 5-point Likert scale (1 = strongly
disagree to 5 = strongly agree), demonstrating high internal consistency (& = 0.908). This measurement
approach aligns with prior studies that examined social comparison orientation in relation to passive social
media use and emotional outcomes [36].

3.3.3 Psychological Resilience

The present study employed the culturally adapted Resilience Scale for Adults (RSA) to measure
psychological resilience [37]. This scale comprised six items, including the question, “I believe that I have
the ability to cope with stressful messages on social media”. The scale incorporates Confucian relational
dynamics, including items such as “My family helps me keep a balanced perspective on idealized social
media portrayals”, and this multidimensionality allows the study to accurately capture subjects’ behavioural
patterns and their psychological conditions in China’s unique digital ecosystem. The options are on a
five-point scale ranging from 1 (very inconsistent) to 5 (very consistent). The Cronbach’s alpha coefficient
for this latent variable was 0.875.

3.3.4 Anxiety Level

Anxiety symptoms were evaluated using a modified 5-item subset of the Generalized Anxiety
Disorder-7 [38], tailored to social media contexts (e.g., “I cannot stop or control anxiety caused by social
media”). To reduce respondent burden while preserving validity, we selected items covering core worry and
physiological arousal domains. Short forms of the GAD-7 (2-6 items) retain strong diagnostic performance
with cross-cultural generalizability [39]; moreover, brief GAD measures are validated in Chinese young-adult
samples (e.g., GAD-2 in Chinese college students; GAD-7 shows excellent reliability and measurement
invariance in Chinese medical university students) [40,41]. Responses ranged from 0 (not at all) to 3 (nearly
every day), and the 5-item scale showed acceptable internal consistency (x = 0.789).

3.4 Statistical Analysis

SPSS 29.0 IBM Corp., Armonk, NY, USA) was used for data management and analysis. The process
comprised three steps: First, preliminary analyses were conducted to calculate descriptive statistics and
Pearson correlations for the variables. Second, regression analysis and mediation effect analysis were
performed using Model 4 of Hayes’ PROCESS macro [42]. Finally, the moderation effect analysis was
conducted using Model 14 within the PROCESS macro. All models employed the Bootstrap analyses (5000
resamples) to assess the significance of direct and indirect effects.

4 Results

4.1 Preliminary Analyses

Prior to testing the mediation and moderation effects, correlation analyses were conducted. The means,
standard deviations, and correlation coefficients of the variables are presented in Table 2. The results
showed that active SMU was negatively correlated with passive SMU. Upward social comparison was
positively correlated with passive SMU and negatively correlated with active SMU. Psychological resilience
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was negatively correlated with both passive SMU and upward social comparison but positively correlated
with active SMU. Anxiety was positively correlated with passive SMU and upward social comparison and
negatively correlated with both active SMU and psychological resilience. Furthermore, since age was not
significantly correlated with any core variables, gender, cities classification, education level, and annual
household income were included as covariates in subsequent analyses.

Table 2: Means, standard deviations (SD), and correlations among variables (n = 562).

Variables Mean SD 1 2 3 4 5 6 7 8 9 10
1. Gender 1.53 0.50 -

2. Age 1.57 0.50 0.01 -

3.CT 2.06 0.77 —0.05 0.02 -

4. Edu 2.08 0.55 0.00 0.03 —0.01 -

5. AHI 1.85 0.60 —0.00 0.09* —0.05 0.15** -

6. PSMU 3.33 1.08 —0.01 —0.01 —0.01 —0.11** 0.02 -

7. ASMU 2.77 1.12 —0.04 —0.03 —0.01 0.12** 0.01 —0.28** -

8. USC 3.23 1.14 0.03 —-0.07 0.00 —0.14**  —0.04 0.35** —0.41** -

9. PR 2.52 0.97 —0.04 0.06 0.10* 0.12** 0.09* —0.49**  0.36™* —0.43** -

10. Anxiety 1.6 0.81  0.13* -0.04 —0.18"" —0.12"* —0.08 0.33"*  —0.41"" 0.49™  —-0.52"" -

Note: *p < 0.05, **p < 0.01 (2-tailed). Abbreviations: CT, City Tier; Edu, Education Level; AHI, Annual Household Income; PSMU,
Passive Social Media Use; ASMU, Active Social Media Use; USC, Upward Social Comparison; PR, Psychological Resilience.

4.2 Mediating Role of Upward Social Comparison

To test the mediating effects of upward social comparison, we conducted regression analyses
using Hayes’ PROCESS macro (Model 4) with 5000 bootstrap resamples [42]. Unstandardized regression
coefficients revealed significant direct effects:

Active social media use (Model 1, Table 3) negatively predicted anxiety levels (3 = —0.18, p < 0.001)
and upward social comparison tendencies (3 = —0.40, p < 0.001), supporting Hypotheses 1 and 3. Passive
social media use (Model 2, Table 3) positively predicted anxiety levels (3 = 0.14, p < 0.001) and upward
social comparison (3 = 0.36, p < 0.001), supporting Hypotheses 2 and 4.

Table 3: Regression results for the mediation models.

Variables Model 1 Model 2
Upward Social Comparison Ancxiety (Y) Upward Social Comparison Ancxiety (Y)

Constant 473" 1.62*** 2417 0.59**
Controls

Gender 0.04 0.16* 0.08 0.17**

Cities Classification —0.00 —0.18"** 0.01 —0.18"**

Education Level —0.19* —0.05 —0.20* —0.05

Annual Household Income —0.03 —0.09 —0.05 —0.10*
Predictors

Active Social Media Use —0.40™** —0.18™** - -

Passive Social Media Use - - 0.36™** 0.14™**
Mediators

Upward Social Comparison - 0.27*** - 0.30

R?=0.17 R? =0.34 R? =0.14 R? =032

Note: *p < 0.05, *p < 0.01, " p < 0.001.

Bootstrap analyses further demonstrated significant indirect effects (Table 4) that, for active use,
upward social comparison mediated the negative association between SMU and anxiety (indirect effect
= —0.11, SE = 0.02, 95% CI = [—-0.15, —0.08]), supporting Hypothesis 5. For passive use, upward social
comparison mediated the positive association between SMU and anxiety (indirect effect = 0.11, SE = 0.02,
95% CI = [0.07, 0.15]), supporting Hypothesis 6.
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Table 4: Mediation Effect of Upward Social Comparison between Social Media Use and Anxiety.

Path Effect BootSE BootLLCI BootULCI
Total effect
ASMU — Anxiety —-0.29 0.03 —0.34 —-0.23
PSMU — Anxiety 0.24 0.03 0.18 0.30
Direct effect
ASMU — Anxiety —0.18 0.03 —0.23 —0.12
PSMU — Anxiety 0.13 0.03 0.08 0.19
Indirect effect
ASMU — USC — Anxiety —0.11 0.02 —0.15 —0.08
PSMU — USC — Anxiety 0.11 0.02 0.07 0.15

Abbreviations: BootSE, Bootstrap Standard Error; BootLLCI, Bootstrap Lower Limit Confidence Interval; BootULCI, Bootstrap Upper
Limit Confidence Interval; ASMU, Active Social Media Use; PSMU, Passive Social Media Use; USC, Upward Social Comparison.

4.3 Moderating Role of Psychological Resilience

To examine the moderating effects of psychological resilience, we employed PROCESS macro (Model
14) with 5000 bootstrap iterations on SPSS 29.0 [42]. The results indicated that (Table 5), for active SMU
(Fig. 2), the mediating effect of upward social comparison on anxiety was significant only among individuals
with low resilience (indirect effect = —0.11, SE = 0.02, 95% CI = [-0.15, —0.07]), but nonsignificant for
those with high resilience (indirect effect = —0.03, SE = 0.02, 95% CI = [-0.07, 0.01]), partially supporting
Hypothesis 7. For passive SMU (Fig. 3), the mediating effect remained significant across resilience levels but
was attenuated among high-resilience individuals (low resilience: indirect effect = 0.10, SE = 0.02, 95% CI =
[0.06, 0.14]; high resilience: indirect effect = 0.05, SE = 0.02, 95% CI = [0.01, 0.09]), supporting Hypothesis 8.

Table 5: Moderated Mediation Effect of Psychological Resilience.

Path PR Effect BootSE BootLLCI BootULCI
ASMU — USC — Anxiety = Mean — SD (—1) —0.11 0.02 —0.15 —0.07
ASMU — USC — Anxiety Mean — SD (0) —0.06 0.02 —0.11 —0.04
ASMU — USC — Anxiety Mean + SD (1) —-0.03 0.02 —-0.07 0.01
PSMU — USC — Anxiety Mean — SD (—1) 0.10 0.02 0.06 0.14
PSMU — USC — Ancxiety Mean — SD (0) 0.07 0.02 0.04 0.11
PSMU — USC — Anxiety Mean + SD (1) 0.05 0.02 0.01 0.09

Abbreviations: BootSE, Bootstrap Standard Error; BootLLCI, Bootstrap Lower Limit Confidence Interval; BootULCI, Bootstrap Upper
Limit Confidence Interval; ASMU, Active Social Media Use; PSMU, Passive Social Media Use; USC, Upward Social Comparison; PR,
Psychological Resilience.
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Figure 2: For active social media use (SMU), upward social comparison predicts anxiety at low resilience, but not at
high resilience (—1 SD vs. +1 SD; 95% CI).
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Figure 3: For passive social media use (SMU), upward social comparison predicts anxiety at both levels, but is weaker
at high resilience (=1 SD vs. +1 SD; 95% CI).

5 Discussion

The study first confirms findings from a large body of research focusing on individual social media
usage patterns. Specifically, passive social media use, which involves browsing with little direct interaction,
is associated with higher anxiety among Chinese young adults. This aligns with Lai et al’s [43] findings on
social anxiety among Chinese university students. It is also consistent with Taylor et al’s [44] research,
which suggests that passive social media use is associated with higher levels of anxiety, depression, and
stress among UK adults. In contrast, active social media use reduces anxiety. This result is consistent with
Escobar-Viera et al’s [45] study of adults in the United States. Furthermore, Koh et al’s [46] scoping review
supports that positive and purposeful social media use benefits mental health.

Building upon the foundation, our study introduces upward social comparison as an explanatory
mechanism to reveal how platform algorithms reinforce these established pathways. The results showed that
upward social comparison positively mediates the effect of passive social media use on anxiety. This suggests
that algorithm-driven environments amplify comparison-based stress [20]. For example, algorithmic
recommendation systems deployed by platforms like Xiaohongshu increase users’ exposure to elite and
success-oriented content (e.g., “985 university admissions”, “million-dollar earnings”). While passively
scrolling, users can unintentionally trigger a continuous stream of such content, leading to cognitive
overload and unanticipated upward social comparisons [47]. These involuntarily triggered comparisons
challenge a core assumption of Festinger’s social comparison theory—that individuals autonomously choose
their targets for comparison [10].

By contrast, active social media use is associated with lower upward social comparison, which in turn is
associated with lower anxiety. This mechanism operates through narrative agency and social support. Users
who actively create content, such as sharing study notes, personal reflections, or creative work, reestablish
a sense of agency by shifting their role from passive observer to active narrator. This process facilitates
cognitive restructuring, enhances perceived control over one’s environment, and fosters a coherent sense
of identity [13]. It can also trigger domain-specific social validation, such as academic encouragement,
which strengthens collective belonging and mitigates the negative effects of upward comparison [48].
These findings suggest that not all social media use is harmful, and the nature of participation is critical in
understanding psychosocial outcomes.
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In addition, context collapse—where academic success and material wealth content (e.g., graduate school
announcements alongside luxury brand unboxings) appear side by side—forces users into multi-domain
comparisons [49]. This cross-dimensional exposure can exacerbate self-devaluation, particularly among
young adults navigating identity formation in hyperconnected digital environments [50,51]. These
platform-induced pressures represent a contemporary class of stressors in the new millennium. As such,
our findings support calls to treat algorithmic environments as affective infrastructures that systematically
generate emotional strain.

This study further examines the role of psychological resilience, revealing cognitive and cultural
dimensions of the mediating mechanism. The results indicated that individuals with low resilience
experience more anxiety from upward social comparison when actively using social media. In contrast,
those with high resilience show reduced anxiety from upward comparison even during passive use. This
may be because individuals with low resilience lack positive psychological capital [52] and are more prone
to envy and shame when facing unfavorable comparisons [53], thereby worsening anxiety. In contrast,
highly resilient individuals demonstrate stronger cognitive reappraisal abilities. They are more likely
to interpret algorithm-recommended elite content as performance-based or inspirational, rather than as
accurate depictions of peer success [54,55]. This cognitive difference helps maintain self-esteem despite
repeated exposure to idealized content. Additionally, psychological resilience may also be shaped by
sociocultural forces. In our sample of Chinese young adults (18-35), family-and peer-based support and
collective meaning-making—salient in collectivist settings—serve as resources for coping with psychological
stress [56]. We cautiously note that, in some circumstances, these relational resources may help reappraise
upward exposure as aspirational rather than evaluative [57].

Translating this into practice, several targeted steps follow. To address anxiety triggered by passive
content consumption, platforms could introduce user-controlled features that allow individuals to adjust
their content exposure. For instance, digital nudging strategies have already been tested on platforms
such as Instagram, where timely prompts co-designed with users have been shown to reduce overuse
and promote well-being without compromising user autonomy or privacy [58]. These feedback-based
mechanisms could be adapted to address content-related exposure. For example, prompting users to explore
different themes after prolonged passive scrolling may help disrupt upward comparison cycles and alleviate
emotional fatigue. Regarding the role of psychological resilience, young adult users are encouraged to shift
from being passive consumers to active self-managers of their social media use. This involves consciously
reducing aimless, passive browsing.

Furthermore, our study also offers direct implications for digital citizenship education. We suggest
integrating the distinction between passive and active social media use into digital literacy curricula for
school-aged youth. This content is particularly suitable for lessons on healthy digital habits. Specifically,
educators can help students differentiate between these two usage patterns. Students can learn to understand
their different impacts on psychology and emotion. This knowledge can empower them to adjust their own
online behaviors. The goal is to shift from passive content consumption to active and meaningful social
participation. Ultimately, this educational approach aims to strengthen self-awareness and agency among
young users. It helps to build a foundation for their long-term digital well-being.

6 Limitations and Future Directions

Despite offering valuable insights, this study has several limitations that warrant consideration. First,
its cross-sectional design precludes causal inference and tests of temporal order. Beyond the pathway we
tested (passive use — upward social comparison — anxiety), alternative sequences cannot be ruled out,
for example, social media use — anxiety — upward social comparison, or pre-existing anxiety leading to
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greater passive use and upward comparison. Platform policies and recommendation weights also evolve
over time; periodic tuning of sensitive-content exposure may alter users’ feeds, yet the durability of any
psychological effects has not been established. Longitudinal designs are needed to assess how platform-level
interventions shape mental health outcomes over time.

Second, reliance on self-reported measures introduces potential response biases and may underestimate
actual behaviors [59]. Because all variables were collected from the same respondents at a single time
point, common-method variance and single-source bias are possible. Objective data sources such as screen
time analytics, clickstream logs, and eye-tracking technologies should be incorporated in future studies
to enhance measurement accuracy and ecological validity [60]. In addition, our use of a brief 5-item
anxiety measure should be complemented in future work by the full GAD-7 and, where feasible, clinical or
interview-based assessments.

Third, while this study focused on the detrimental effects of upward social comparison, it did not
account for the potential regulatory or compensatory role of downward comparisons—for example, deriving
reassurance or self-esteem from observing others in less favorable situations. Future studies should also test
boundary conditions under which upward exposure is motivational (e.g., attainable, self-relevant targets),
alongside the risk pathway. Furthermore, future research could adopt a broader comparison framework to
capture the full spectrum of comparison dynamics and their emotional consequences.

Additionally, our findings are based on a Chinese young adults sample aged 18-35, which may limit
generalizability. The culturally embedded nature of collective resilience—rooted in Confucian familial
values—raises important questions about cross-cultural transferability. Rather than assuming portability,
future work should examine whether relationally scaffolded resilience can be distinguished from more
individualistic coping models and whether similar moderation emerges in other East Asian settings with
shared traditions. It also remains an open question whether design features that scaffold relational support
(e.g., family-linked narrative threads or community-anchored feedback loops) reduce comparison stress
outside China; these ideas warrant field evaluation before policy adoption.

Finally, comparative research across different platforms (e.g., Xiaohongshu, TikTok, Instagram) and
cultural contexts is essential to identify how content typologies and platform architectures influence social
comparison behaviors and anxiety. Such work will contribute to building a more culturally inclusive and
structurally aware model of digital well-being in the 21st century.

7 Conclusions

This study examined anxiety related to social media use (SMU) among Chinese young adults, focusing
on the mediating role of upward social comparison (USC) and the moderating role of psychological resilience
(PR). A survey of 562 participants revealed three key findings. First, active SMU was associated with lower
anxiety and less USC, while passive SMU was linked to higher levels of both. Second, USC negatively
mediated the relationship between active SMU and anxiety, but positively mediated the relationship between
passive SMU and anxiety. Third, for active SMU, USC predicted anxiety only when PR was low. For passive
SMU, it predicted anxiety regardless of PR level. These findings enhance our understanding of social media
anxiety from an algorithmic and platform perspective, providing an empirical basis for mental health
education, targeted interventions, and healthier social media platform development.
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